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ABSTRACT 
The adoption of technology in the workplace has grown 
rapidly alongside advancements in information and 
communication technology. One key innovation is the 
adoption of AI-based chatbots to support work activities. 
In the digital era, the success of the new technology relies 
heavily on user perception and response. This study aims 
to identify the factors influencing users’ intention to 
continue using AI chatbots at work using the Extended 
Expectation Confirmation Model (E-ECM), with variables 
including confirmation, perceived usefulness, satisfaction, 
continuance intention and with additional variables being 
perceived ease of use and trust. A quantitative method 
was used by distributing questionnaires to 400 
respondents.  The respondents are workers who have 
used AI chatbots for their work.  This research adopts a 
quantitative method and employs data analysis using the 
PLS-SEM technique. The findings reveal that perceived 
ease of use and trust significantly affect continuance 
intention, while confirmation, perceived usefulness, and 
trust significantly affect satisfaction. However, perceived 
usefulness and satisfaction did not significantly influence 
continuance intention. These insights can help 
stakeholders and users focus on key factors to optimize AI 
chatbot adoption in the workplace. The results of this 
study are expected to serve as a reference for developers 
and users to pay attention to what factors affect the 
intention of continuous use of AI chatbots so as to 
increase the effectiveness of using AI chatbots. 
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1. INTRODUCTION 
The use of technology in the world of work has experienced rapid development along 
with advances in information and communication technology. One of the latest 
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breakthroughs in the digital world is the application of artificial intelligence-based 
chatbot technology which is increasingly popular in supporting various activities in the 
workplace (Komp-Leukkunen, 2024). This technology is designed to mimic human 
communication capabilities and interact in real-time with users, making it an efficient 
and effective tool in meeting the operational needs of modern organizations (Deng & 
Lin, 2023; Komp-Leukkunen, 2024). AI chatbots can boost workplace productivity and 
information access, but their continued use depends on worker acceptance and 
response. (Modgil et al., 2025). 

  In this digital era, the successful integration of new technologies in the world 
of work is greatly influenced by user perceptions and attitudes (Chowdhury et al., 
2022). While AI chatbots offer convenience and flexibility, many early adopters are 
reluctant to continue using these chatbots after the initial interaction (Zou & Huang, 
2023). Therefore, understanding the factors that influence the intention to continue 
using AI chatbots among workers is important to ensure that this technology can 
continue to be optimally utilized in the long run. 

  The Expectation Confirmation Model (ECM) is a commonly used approach to 
understanding users' sustainability intentions towards technology (Ambalov, 2018). 
This model identifies several key variables such as perceived usefulness, confirmation, 
and satisfaction that are used to measure the level of continued use (Bhattacherjee & 
Lin, 2015). The addition of these two variables allows researchers to identify more 
factors that could potentially influence the long-term success of technology 
implementations and thus provide more accurate insights for system development 
and improvement (Tam et al., 2020). 

2. RESEARCH FRAMEWORK 

2.1 Continuance Intention 
Continuance intention refers to a condition where a person makes a decision to 
continue using a product or service for the future (Tan et al., 2023). Generally, 
continuance intention analysis is applied to technology-based products or technology 
services to support the contribution of these technology products and services (Jo & 
Bang, 2023). Continuance intention cannot be confused with acceptance, initial use, 
adoption or even behavioral intention because continuance intention is based on user 
experience after using the technology or product used (Nan et al., 2024; Wu & Li, 2023). 

2.2 AI Chatbots 
AI chatbot is a technology that can provide solutions, recommendations, ways / other 
ways in real time adjusted to the digital data owned and adjust the language used by 
its users (Zhu et al., 2022). AI-based chatbots, as they are popular today, rely on natural 
language processing (NLP) techniques to understand text or voice input from users, 
extract relevant intent and entities, and generate coherent and contextualized 
responses (Chou et al., 2024). The acceptance of AI chatbots varies by generation, with 
older workers generally more sceptical due to job security concerns, while younger 
workers view them as productivity-enhancing tools (Frey & Osborne, 2017; Twenge, 
2014). However, over-reliance on AI chatbots may lead to concerns of decreased 
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problem-solving abilities (Bughin et al., 2017). To make the most of AI chatbots, 
workers need to have new skills, such as digital literacy and the ability to adapt to 
technological change (Urbani et al., 2024). 

2.3 Extended Expectation Confirmation Model (E-ECM) 
ECM is a model that will describe how the actual experience of a person affected by 
an information system and confirm it based on their previous expectations 
(Bhattacherjee, 2001). The ECM model in this study will add the variables of perceived 
ease of use and trust so that it allows researchers to identify more factors that have 
the potential to influence the long-term success of technology implementation so that 
it can provide more accurate insights for system development and improvement. 

 PEOU, as an additional variable in the Extended ECM, adds relevant insight into 
the usability of new technologies like AI chatbots. Trust is included because users' 
belief in the system’s security, reliability, and credibility can reinforce their intention 
to continue using it. The framework of the Extended Expectation Confirmation Model 
is illustrated in Figure 1. 

 

Figure 1. Extended expectation confirmation model framework 

2.4 Hypotheses Development 
Extended ECM has several variables that can describe how continuance intention and 
its influence on job use. The first variable is confirmation. This variable can be 
interpreted as a state where individuals have felt the benefits based on the experience 
gained from using a system (Hossain & Quaddus, 2012). Previous research suggests 
that confirmation has a positive influence on perceived usefulness, which in turn 
affects the intention to continue using a system (Ifada & Abidin, 2022; Oghuma et al., 
2016). In addition to influencing perceived usefulness, this variable also has a positive 
impact on satisfaction in determining the intention to use learning applications 
continuously (Alshurideh et al., 2019). Based on this description, the following 
hypotheses are generated: 

H1: Confirmation (CON) has a significant effect on perceived usefulness (PU). 

H2: Confirmation (CON) has a significant effect on satisfaction (SAT). 

 The next variable is perceived usefulness. This variable can explain the extent 
to which a person believes that using a system or technology can be beneficial so as 
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to improve their performance or productivity (Ma et al., 2024). Previous research has 
proven that when users feel there is usefulness while using a system or technology, 
these users are satisfied with the technology used (Amin et al., 2014; Baker-Eveleth & 
Stone, 2020). Research from Hamid et al. (2016) proves that users who feel the 
usefulness of the technology used, users tend to decide to continue using the 
technology in the future. Based on this description, the following hypotheses are 
generated: 

H3: Perceived usefulness has a significant effect on satisfaction (SAT). 

H4: Perceived usefulness has a significant effect on continuance intention (CI). 

 Satisfaction is the next variable. This variable can be measured based on their 
experience in using AI chatbots, both in terms of ease of use, perceived benefits, and 
how well the technology meets their work needs (Ashfaq et al., 2020). Research 
conducted by Nan et al. (2024) shows that satisfaction with the use of AI chatbots has 
a positive influence on generating interest in continued use in its users. Based on this 
description, the following hypotheses are generated: 

H5: Satisfaction (SAT) has a significant effect on continuance intention (CI). 

 The next is perceived ease of use variable. This variable refers to the extent to 
which a person believes that using a system or technology will be free from effort or 
difficulty (Davis, 1989). Based on research conducted by Ashfaq et al. (2020), perceived 
ease of use can have a positive influence on user satisfaction in using certain systems. 
In addition, research from Hamid et al. (2016) proves that users who find it easy to use 
certain technologies tend to continue using them in the future. Based on this 
description, the following hypotheses are generated: 

H6: Perceived of ease of use (PEOU) has a significant effect on satisfaction (SAT). 

H7: Perceived of ease of use (PEOU) has a significant effect on continuance intention 
(CI). 

 The following variable is trust which explains user confidence that a particular 
system or technology is reliable, safe, and able to protect user interests during use 
(Gefen et al., 2003). Based on research conducted by Ginting et al. (2023), user trust in 
a system has a positive influence on user satisfaction. Various studies using the ECM 
model have also supported the finding that trust has a positive influence on 
sustainable use interest, especially in the use of service-based technology (Pham et 
al., 2024; Zhu et al., 2023). Based on this description, the following hypotheses are 
generated: 

H8: Trust (T) has a significant effect on satisfaction (SAT). 

H9: Trust (T) has a significant effect on continuance intention (CI). 

3. Method 
This research employs a quantitative approach to examine the influence of 
confirmation, perceived usefulness, satisfaction, perceived ease of use, and trust on 
workers' continuance intention to use AI chatbots at work. Data were collected through 
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surveys distributed both online and offline in a hybrid manner. The responses were 
then analyzed using the Partial Least Square - Structural Equation Model (PLS-SEM). 

3.1 Determination of Population and Simple 
In this study, the population used is all workers in Indonesia. Based on the Official 
Statistics issued by Badan Pusat Statistik (BPS), the number of people working as of 
August 2024 was 144.64 million (Badan Pusat Statistik, 2024). The sampling technique 
used was purposive sampling. The criteria determined were workers who had used an 
AI chatbots for their work. The sample size was calculated using the Slovin method 
with an error rate of 5% and got the value of 399.98, which was rounded up to 400 
respondents to facilitate the data processing process. 

3.2 Instrument 
Data is obtained from surveys using questionnaires distributed online or in person. 
Online distribution will use commonly used social media, such as Whatsapp, Telegram, 
and others. In the offline distribution of questionnaires, the author will visit companies 
that are open to helping fill out questionnaires, such as worker training seminars, 
cafes and workspaces. 

The questionnaire consisted of six constructs and 25 items. The six constructs 
are confirmation (four items), perceived usefulness (five items), perceived ease of use 
(five items), trust (four items), satisfaction (four items), and continuance intention 
(three items). The research questionnaire also had questions related to the 
demographics of the respondents. The construct question uses a Likert scale with five 
levels of assessment, which are 5 = strongly agree, 4 = agree, 3 = neutral, 2 = disagree, 
and 1 = strongly disagree (Hair et al., 2007). Details regarding the research 
instruments used in this study can be seen in Table 1.  

Table 1. Research indicators 
Variable Indicator Items measured Source 

Confirmation 
(CON) 

CON1 My experience with the AI 
chatbot at work exceeded my 

expectations. 

Bhattacherjee 
(2001); Ngo 
et al. (2024); 
Oghuma et 
al. (2016) 

CON2 The level of service provided by 
the AI chatbot is better than 

what I expected. 

CON3 AI chatbots offer more benefits 
than I expected before. 

CON4 Most of my expectations of the 
AI chatbot in assisting with 

work were met. 

PU1 I find AI chatbots useful in my 
work. 

Ashfaq et al. 
(2020); Davis 
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Variable Indicator Items measured Source 

Perceived 
Usefulness 

(PU) 

PU2 Using an AI chatbot makes my 
job easier. 

(1989); 
Oghuma et 
al. (2016) PU3 Using an AI chatbot increases 

my effectiveness at work. 

PU4 Using an AI chatbot increases 
my productivity. 

PU5 Using an AI chatbot improved 
my performance. 

Perceived 
Ease of Use 

(PEOU) 

PEOU1 I find AI chatbots easy to use 
for work activities. 

Ashfaq et al. 
(2020); Davis 
(1989); 
Rahayu 
(2023) 

PEOU2 It was easy for me to 
understand the response given 

by the AI chatbot. 

PEOU3 It is easy for me to start a 
conversation or give a 

command the first time when 
using an AI chatbot. 

PEOU4 It was easy for me to become 
proficient in using AI chatbots 

at work. 

PEOU5 My interactions with the AI 
chatbot were clear and easy to 

understand. 

Trust (T) T1 I believe the response given by 
the AI chatbot is trustworthy. 

Choudhury 
and 
Shamszare 
(2023); Hyun 
Baek and Kim 
(2023) 

T2 I believe in the credibility of AI 
chatbots in providing answers. 

T3 I believe AI chatbots are safe to 
be given sensitive information 

from me. 

T4 I believe AI chatbots will be 
transparent in providing 

answers. 

Satisfaction 
(SAT) 

SAT1 I was pleased with the AI 
chatbot's ability to help me 

with my work. 

Nan et al. 
(2024); Ngo 
et al. (2024); 
Tam et al. 
(2020) 

SAT2 I feel like I've made the right 
decision to use an AI chatbot 

for work. 
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Variable Indicator Items measured Source 

SAT3 Based on my experience, I feel 
satisfied using AI chatbots at 

work. 

SAT4 I think the use of AI chatbots in 
work is a good idea. 

Continuance 
Intention 

(CI) 

CI1 I intend to continue using AI 
chatbots in my work. 

Ashfaq et al. 
(2020); Pham 
et al. (2024) CI2 I will use the AI chatbot in my 

work as I normally do. 

CI3 I would recommend others to 
use an AI chatbot for work. 

 

3.3 Evaluation of the Measurement Model 
Evaluation of the measurement model in this study will be assisted by testing the outer 
model from PLS-SEM. In PLS-SEM, testing the outer model includes two main aspects, 
namely validity, which includes convergent validity and discriminant validity, and 
reliability, which is evaluated through composite reliability. Convergent validity can 
indicates that the latent construct explains the majority of the variance in its indicators 
if the AVE (Average Variance Extracted) is > 0.5 (Djoko & Sihono, 2021). 

Table 2. AVE formula 
Formula Variable Description 

𝐴𝑉𝐸

=
∑ 𝜆𝑖

2𝑛
𝑖=1

∑ 𝜆𝑖
2𝑛

𝑖=1 + ∑ 𝑣𝑎𝑟(𝜀𝑖)
𝑛
𝑖=1

 

𝜆𝑖 
(Lambda) Loading of indicator variable 𝑖 

𝜀𝑖 
(Epsilon) 

Measurement error of indicator 
variable 𝑖 

𝑖 Indicator variable 
𝑛 Amount of data 

𝑣𝑎𝑟(𝜀𝑖) Deviation of measurement 𝜀𝑖 
 
  In the discriminant validity test, it can tell how correlated the indicators are with 
the variable itself if the cross loading value > 0.6 in their variable section (Darma, 2021). 

Table 3. Factor loading formula 
Formula Variable Description 

𝜆𝑖

=
𝐶𝑜𝑣(𝑥𝑖𝜂)

𝜎𝑥𝑖
∙ 𝜎𝜂

 

𝜆𝑖 
(Lambda) Loading of indicator variable 𝑖 

𝑥𝑖 The observed score of indicator 𝑖 

𝜂 The latent variable score (construct) measured by 
the indicators 

𝐶𝑜𝑣(𝑥𝑖𝜂) Covariance between the indicator 𝑥𝑖 and the 
latent construct 𝜂 

𝜎𝑥𝑖
 Standard deviation of indicator 𝑥𝑖 

𝜎𝜂 Standard deviation of the latent construct 𝜂 
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  In addition, the composite reliability test can tell how reliable the variable is if 
it has a composite reliability value and Cronbach's alpha > 0.7 (Sugiyono, 2013). 

Table 4. Composite reliability formula 
Formula Variable Description 

𝐶𝑜𝑚𝑝𝑜𝑠𝑖𝑡𝑒 𝑟𝑒𝑙𝑖𝑎𝑏𝑖𝑙𝑖𝑡𝑦 (𝜌)

=
(∑ 𝜆𝑖

𝑛
𝑖=1 )2

(∑ 𝜆𝑖
𝑛
𝑖=1 )2 + ∑ 𝑣𝑎𝑟(𝜀𝑖)

𝑛
𝑖=1

 

𝜆𝑖 (Lambda) Loading of indicator variable 𝑖 

𝜀𝑖 (Epsilon) 
Measurement error of indicator 
variable 𝑖 

𝜌 (Rho) Composite reliability 
𝑖 Indicator variable 
𝑛 Amount of data 

𝑣𝑎𝑟(𝜀𝑖) Deviation of measurement 𝜀𝑖 

3.4 Evaluation of the Structural Model 
Structural model evaluation is conducted using the PLS-SEM inner model technique to 
analyze relationships between latent variables. This involves assessing path 
coefficients, R-square, effect size, and Q-square to determine the influence of 
independent latent variables on dependent ones. The r-square test can find how much 
the exogenous variables can explain the endogenous variables with the criteria, 
strong if it reaches 0.75, moderate if it is worth 0.50, and weak if it is at 0.25 (Hair et 
al., 2017). 

Table 5. R-square formula 
Formula Variable Description 

𝜂 = 𝛾1𝜉1 + 𝛾2𝜉2 + 𝛾3𝜉3

+ 𝜁 

𝜂 (Eta) Endogenous latent variable 

𝛾 (Gamma) 
The coefficient of influence of 
exogenous variables on 
endogenous variables 

𝜉 (Ksi) Exogenous latent variable 
ζ (Zeta) Error model 

 
 The q-square test can find how well the model's predictive ability predicts the 
dependent variable with the criteria, large if it reaches 0.35, medium if it is 0.15, and 
small if it is 0.02. 

Table 6. Q-square formula 
Formula Variable Description 

𝑄2 = 1 − (1 − 𝑅1
2)(1 − 𝑅2

2) … (1

− 𝑅𝑛
2) 

𝑅1
2, 𝑅2

2, … , 𝑅𝑛
2 

Endogenous latent 
variable 

𝑄2 

The coefficient of 
influence of exogenous 
variables on endogenous 
variables 

 
 The effect size test can find how much influence exogenous variables have on 
endogenous variables with criteria, large if it reaches 0.35, medium if it is 0.15, and 
small if it is 0.02 (Hair Jr et al., 2021). 
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Table 7. Effect size formula 
Formula Variable Description 

𝑓2

=
𝑅𝑖𝑛𝑐𝑙𝑢𝑑𝑒𝑑

2 − 𝑅𝑒𝑥𝑐𝑙𝑢𝑑𝑒𝑑
2

1 − 𝑅𝑖𝑛𝑐𝑙𝑢𝑑𝑒𝑑
2  

𝑓2  Effect size 

𝑅𝑖𝑛𝑐𝑙𝑢𝑑𝑒𝑑
2  

R-square obtained if the 
independent variables are 
included in the model 

𝑅𝑒𝑥𝑐𝑙𝑢𝑑𝑒𝑑
2  

R-square obtained if the 
independent variable is 
excluded from the model 

 
 The path coefficient test can measure the significance (p-value) and relevance 
(t-value) of the relationship between variables with a significance of 5% (p-value < 0.05 
and t-value > 1.96). 

Table 8. T-value formula 
Formula Variab

le Description 

𝑡 − 𝑣𝑎𝑙𝑢𝑒 =
𝛽

𝑆𝐸(𝛽)
 

𝛽 Path coefficient/original sample 
estimate 

𝑆𝐸(𝛽) Standard error of the path coefficient 
 
 The last test is the model fit test which can measure the ability of the research 
model to represent the relationship between variables and existing data with the 
criteria, chi-square ≥ 0.05, SRMR ≤ 0.10, NFI ≥ 0.90 indicates that the model used is 
good-fit, and if it does not meet the poor-fit criteria (Hair et al., 2017). 

Table 9. Chi-square formula 
Formula Variable Description 

𝑥2 = (𝑁 − 1) ∙ 𝐹𝑚𝑖𝑛 
𝑥2  Chi-square value 

𝑁 Number of samples 
𝐹𝑚𝑖𝑛 Minimum fit function value 

.  

4. Result and Discussion 
A total of 449 questionnaire responses were collected, with 400 randomly selected for 
further analysis based on the predetermined sample size. Data screening using 
Microsoft Excel found no missing data, unengaged responses, or outliers, as shown in 
Table 10. 

Table 10. Data screening result 
Description Data 

Total data 400 
Missing data 0 
Unengaged 
response 

0 

Outlier data 0 

Total 400 
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4.1 Evaluation of the Measurement Model (Outer Model) 

4.1.1 Convergent Validity 
This evaluation is carried out by paying attention to the outer loading and Average 
Variance Extracted (AVE) values. Variables are declared to have good convergent 
validity and each item represents the latent variable of the item if it has an AVE value 
of more than 0.5 and an outer loading value of more than 0.6 (Hair et al., 2017). 
Referring to Table 11, the outer loading exceeds 0.6 and the AVE value is above 0.5, 
indicating that the data is valid and eligible for subsequent testing. 

Table 11. Convergent validity result 

Variable Item 
Outer 

Loading AVE 

Confirmation 

CON1 0.852 

0.658 CON2 0.750 
CON3 0.800 
CON4 0.839 

Continuance 
Intention 

CI1 0.862 
0.704 CI2 0.801 

CI3 0.853 

Perceived Ease 
of Use 

PEOU1 0.781 

0.634 
PEOU2 0.796 
PEOU3 0.782 
PEOU4 0.786 
PEOU5 0.836 

Perceived 
Usefulness 

PU1 0.832 

0.672 
PU2 0.809 
PU3 0.816 
PU4 0.804 
PU5 0.839 

Satisfaction 

SAT1 0.860 

0.702 SAT2 0.783 
SAT3 0.863 
SAT4 0.842 

Trust 

T1 0.869 

0.730 
T2 0.859 
T3 0.831 
T4 0.860 

. 

4.1.2 Discriminant Validity 
Discriminant validity test is carried out by paying attention to the cross loading value. 
Each item has good consistency on the corresponding variable and is correlated if the 
cross loading value of the item is more than 0.6 (Janna & Herianto, 2021). Referring to 
Table 12, the cross loading exceeds 0.6, indicating that the item has good consistency 
on the corresponding and correlated variables and is eligible for further testing. 
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Table 12. Cross loading 
 CON CI PEOU PU SAT T 

CON1 0.852 0.729 0.760 0.714 0.704 0.690 
CON2 0.750 0.691 0.726 0.646 0.669 0.649 
CON3 0.800 0.691 0.735 0.655 0.665 0.618 
CON4 0.839 0.720 0.772 0.671 0.695 0.682 

CI1 0.729 0.862 0.754 0.688 0.665 0.686 
CI2 0.727 0.801 0.736 0.688 0.678 0.686 
CI3 0.742 0.853 0.747 0.680 0.685 0.709 

PEOU1 0.723 0.688 0.781 0.632 0.649 0.640 
PEOU2 0.735 0.709 0.796 0.695 0.671 0.643 
PEOU3 0.701 0.712 0.782 0.676 0.683 0.638 
PEOU4 0.737 0.679 0.786 0.676 0.675 0.637 
PEOU5 0.777 0.750 0.836 0.730 0.720 0.699 

PU1 0.642 0.673 0.697 0.832 0.758 0.712 
PU2 0.704 0.675 0.741 0.809 0.758 0.727 
PU3 0.682 0.667 0.685 0.816 0.767 0.702 
PU4 0.671 0.659 0.699 0.804 0.759 0.738 
PU5 0.697 0.675 0.691 0.839 0.763 0.738 
SAT1 0.706 0.694 0.731 0.802 0.860 0.734 
SAT2 0.682 0.653 0.671 0.742 0.783 0.723 
SAT3 0.721 0.703 0.737 0.796 0.863 0.757 
SAT4 0.716 0.650 0.720 0.769 0.842 0.758 

T1 0.703 0.730 0.698 0.768 0.785 0.869 
T2 0.712 0.699 0.708 0.766 0.773 0.859 
T3 0.664 0.709 0.675 0.708 0.730 0.831 
T4 0.704 0.686 0.717 0.773 0.743 0.860 

. 

4.1.3 Composite Reliability 
The composite reliability test is carried out by looking at the Cronbach's alpha and 
composite reliability values. Variables are declared to have good reliability if they have 
a Cronbach's alpha value and a composite reliability value of more than 0.7 (Amalia & 
Arthur, 2023). Based on Table 13, Cronbach's alpha value and a composite reliability 
value exceed 0.7, indicating that the variable has good reliability and is eligible for 
further testing. 

Table 13. Cronbach's alpha and composite reliability value 

Variable Cronbach's alpha Composite 
Reliability 

Confirmation 0.826 0.885 
Continuance 
Intention 

0.789 0.875 

Perceived Ease of 
Use 

0.856 0.897 
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Variable Cronbach's alpha 
Composite 
Reliability 

Perceived 
Usefulness 

0.878 0.911 

Satisfaction 0.858 0.904 
Trust 0.877 0.915 

. 

4.2 Evaluation of the Structural Model (Inner Model) 

4.2.1 R-Square Test 
This test relies on the 𝑅2 values of each endogenous variable to assess the influence 
of exogenous variables. According to previous research, an 𝑅2 ≥ 0.75 indicates strong 
influence, ≥ 0.50 moderate, and ≥ 0.25 weak. (Hair Jr et al., 2021) . Based on Table 14, 
the 𝑅2 values for CI and SAT exceed 0.75, showing strong influence, while the PU 
variable, with an R² between 0.5 and 0.75, indicates moderate influence. 

Table 14. R-square test result 

Variable 𝑹𝟐 Description 
Continuance 
Intention 

0.821 Strong 

Perceived 
Usefulness 

0.687 Moderate 

Satisfaction 0.891 Strong 
 

4.2.2 Q-Square Test 
The Q-square test assesses predictive relevance using the 𝑄2 value of each 
endogenous variable. A 𝑄2 ≥ 0.35 indicates high relevance, ≥ 0.15 moderate, and ≥ 
0.02 low. Based on Table 15, the Q² values for CI, PU, and SAT exceed 0.35, showing 
that these variables have strong predictive relevance in the model. 

Table 15. Q-square test result 
Variable 𝑸𝟐 Description 

Continuance 
Intention 

0.572 Large 

Perceived 
Usefulness 

0.454 Large 

Satisfaction 0.617 Large 
  

4.2.3 Effect Size Test 
The effect size test uses the 𝑓2  value to measure how much each exogenous variable 
influences the endogenous variables. An 𝑓2 ≥ 0.35 indicates a large effect, ≥ 0.15 a 
moderate effect, and ≥ 0.02 a small effect. Based on Table 16, CON → PU, PEOU → CI, 
and PU → SAT show large effects. CON → SAT, T → CI, and T → SAT show small effects, 
while PEOU → SAT, PU → CI, and SAT → CI have f² values < 0.02, indicating no effect. 
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Table 16. Effect size test result 

 CON CI PEOU PU SAT T 
CON    2.191 0.022  

CI       
PEOU  0.565   0.004  

PU  0.002   0.471  
SAT  0.005     

T  0.105   0.107  
  

4.2.4 Path Coefficient Test 
The results of this test depend on the original sample value, t-statistic, and p-value of 
each hypothesis in this research model. Hypothesis acceptance can be approved by 
adjusting the criteria, the t-statistic value has a value of more than 1.96, the p-value is 
less than 0.05, and the original sample value to determine the direction of each 
hypothesis. Based on Table 17, the accepted hypotheses are H1, H2, H3, H7, H8, and 
H9 because they have met the acceptance requirements, while hypotheses H4, H5, 
and H6 are rejected because they do not meet these acceptance requirements. 

Table 17. Path coefficient test result 
 Hypothesis Original 

Sample T-statistic P-value Conclusion 

H1 CON → PU 0.829 53.007 0.000 Accepted 
H2 CON → SAT 0.132 2.755 0.006 Accepted 
H3 PU → SAT 0.556 8.726 0.000 Accepted 
H4 PU → CI 0.055 0.561 0.575 Rejected 
H5 SAT → CI -0.089 1.028 0.305 Rejected 
H6 PEOU → SAT 0.057 1.130 0.259 Rejected 
H7 PEOU → CI 0.652 11.312 0.000 Accepted 
H8 T → SAT 0.242 3.586 0.000 Accepted 
H9 T → CI 0.321 2.930 0.004 Accepted 

 

4.2.5 Model Fit Test 
The results of the model fit test depend on the SRMR, chi-square, and NFI values of this 
research model. Referring to Table 18, based on the SRMR value ≤ 0.10, the proposed 
research model meets the criteria and is considered a model with good fit conditions. 
Meanwhile, based on the chi-square measurement, the model is considered a good fit 
because it meets the threshold ≥ 0.05 with a value obtained of 1356.608, while based 
on the NFI measurement, the value obtained is below 0.90, so in this measurement the 
model does not meet the criteria and is considered a model with marginal fit 
conditions. 

Table 18. Model fit test result 
Index Limit Value Description 
SRMR ≤ 0.10 0.048 Good fit 

Chi-square ≥ 0.05 1356.608 Good fit 
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Index Limit Value Description 
NFI ≥ 0.90 0.837 Marginal fit 

 

4.3 Discussion 
Based on the analysis results of the path coefficient test shown in Table 4.8, it 

is obtained that H1 is accepted with a t-statistics value of 53.007 and a p-value of 0.000. 
This shows that CON has a significant influence on PU. Therefore, if workers' 
expectations match the actual experience of using an AI chatbot, it will significantly 
increase the perceived usefulness for users. In line with Tyas and Azizah (2022) 
research which states that confirmation has a significant effect on perceived 
usefulness in the context of using new technology. 

Based on the path coefficient test, the correlation between the confirmation 
and satisfaction variables gets a t-statistics value of 2.755 and a p-value of 0.006 so 
that the correlation can be accepted with a positive direction. This shows that CON has 
a significant influence on SAT. Thus, if workers' expectations match the actual 
experience of using an AI chatbot, the level of user satisfaction will increase 
significantly. The results of this study are in line with Catherine and Tjokrosaputro 
(2023) who states that confirmation has a significant effect on satisfaction in the 
context of new technology adaptation. 

Based on the analysis of the path coefficient test, it is found that H3 is accepted 
with a t-statistics value of 8.726 and a p-value of 0.000. This shows that PU has a 
significant influence on SAT. Therefore, if workers believe that the use of AI chatbots 
provides real benefits in supporting their work, the level of satisfaction felt will 
increase significantly. In line with Irfansyah (2021) research which states that 
perceived usefulness has a significant effect on satisfaction in the context of analyzing 
system user responses. 

Based on the results of the path coefficient correlation of the perceived 
usefulness and continuance intention variables, the t-statistics value is 0.561 and the 
p-value are 0.575 so that the correlation is rejected. This shows that PU does not have 
a significant influence on CI. Thus, although workers believe that the use of AI chatbots 
provides benefits in supporting their work, the perceived usefulness does not 
significantly affect their intention to continue using AI chatbots. This contradicts 
Pradana and Pradana and Yolanda (2024) research, which actually states that 
perceived usefulness has an influence on users' desire to continue using. However, 
the results of this study are in line with Kurniawan (2018) who states that perceived 
usefulness does not have a significant effect on continuance intention in the context 
of application use for users in Indonesia. 

Based on the analysis of the path coefficient test, it is found that H5 is rejected 
with a t-statistics value of 1.028 and p-value of 0.305. This shows that SAT has no 
significant effect on CI. Therefore, although workers are satisfied with the use of AI 
chatbots in supporting their work, this satisfaction does not significantly affect their 
intention to continue using the technology. This statement contradicts the findings 
from Putri and Puspawati (2024) research which found that satisfaction has an 
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influence on users' desire to continue using the system they use. However, this study 
is in line with Judoprajitno (2024) research which states that satisfaction does not have 
a significant effect on continuance intention in the context of analyzing the 
sustainability of technology use. 

Based on the results of the path coefficient correlation, the variable perceived 
ease of use and satisfaction gets a t-statistics value of 1.130 and a p-value of 0.259 so 
that the correlation is rejected. This shows that PEOU does not have a significant 
influence on SAT. Thus, although workers perceived that using the chatbot was easy 
and did not require much effort, the perceived ease did not significantly affect their 
level of satisfaction with the experience of using the AI chatbot. This finding shows a 
contradiction to the research results from Saputra and Wikantari (2024) who found 
that perceived ease of use has an influence on user satisfaction. However, the results 
of this study are in line with Prasetia and Suwitho (2022) who states that perceived 
ease of use does not have a significant effect on satisfaction in the context of using 
applications for users in Indonesia. 

Based on the analysis of the path coefficient test, it is found that H7 is accepted 
with a t-statistics value of 11.312 and a p-value of 0.000. This shows that PEOU has a 
significant influence on CI. Therefore, if workers feel that using an AI chatbot is easy 
and does not require much effort, then their intention to continue using the 
technology will increase significantly. In line with Ashfaq et al. (2020) research which 
states that perceived ease of use has a significant effect on continuance intention in 
the context of chatbot user analysis. 

Based on the path coefficient test, the correlation between the trust and 
satisfaction variables gets a t-statistics value of 3.586 and a p-value of 0.000 so that the 
correlation can be accepted with a positive direction. This shows that T has a 
significant influence on SAT. Thus, if workers have a high level of trust in the AI chatbot, 
the level of satisfaction felt will increase significantly. The results of this study are in 
line with Pribadi (2020) who states that trust has a significant effect on satisfaction in 
the context of using e-commerce systems. 

Based on the analysis of the path coefficient test, it is found that H9 is accepted 
with a t-statistics value of 2.930 and a p-value of 0.004. This shows that T has a 
significant influence on CI. Therefore, if workers have a high level of trust in AI 
chatbots, then their intention to continue using the technology will increase 
significantly. In line with Koesasih et al. (2024) research which states that trust has a 
significant effect on continuance intention in the context of evaluating the sense of 
sustainability of application users.  

5. Conclusion  
Continuance intention remains underexplored in Information Systems research. 
Therefore, the Extended Expectation Confirmation Model incorporating perceived 
ease of use and trust is proposed to examine factors influencing ongoing AI chatbot 
use at work. 

The smooth interaction between users and AI chatbots during work activities makes 
users want to continue using AI chatbots at work as they used to do before. In 
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addition, users who believe that the responses provided by AI chatbots can be trusted 
tend to feel that AI chatbots need to be used in the future to help user work 
productivity. Users who believe in the safety and transparency of AI chatbots make 
these users want to continue using AI chatbots in assisting their work. However, 
perceived usefulness and satisfaction were found to have no significant impact on 
continuance intention. 

6. REFERENCES 
Alshurideh, M., Al Kurdi, B., & Salloum, S. A. (2019). Examining the main mobile 

learning system drivers’ effects: A mix empirical examination of both the 
Expectation-Confirmation Model (ECM) and the Technology Acceptance Model 
(TAM) International conference on advanced intelligent systems and informatics,   

Amalia, A. N., & Arthur, R. (2023). Penyusunan Instrumen Penelitian: Konsep, Teknik, Uji 
Validitas, Uji Reliabilitas, dan Contoh Instrumen Penelitian. Penerbit NEM.  

Ambalov, I. A. (2018). A meta-analysis of IT continuance: An evaluation of the 
expectation-confirmation model. Telematics and Informatics, 35(6), 1561-1571. 
https://doi.org/https://doi.org/10.1016/j.tele.2018.03.016  

Amin, M., Rezaei, S., & Abolghasemi, M. (2014). User satisfaction with mobile websites: 
the impact of perceived usefulness (PU), perceived ease of use (PEOU) and 
trust. Nankai Business Review International, 5(3), 258-274.  

Ashfaq, M., Yun, J., Yu, S., & Loureiro, S. M. C. (2020). I, Chatbot: Modeling the 
determinants of users’ satisfaction and continuance intention of AI-powered 
service agents. Telematics and Informatics, 54, 101473.  

Badan Pusat Statistik, B. (2024, 5 November). Tingkat Pengangguran Terbuka (TPT) 
sebesar 4,91 persen.  
https://www.bps.go.id/id/pressrelease/2024/11/05/2373/tingkat-
pengangguran-terbuka--tpt--sebesar-4-91-persen-.html 

Baker-Eveleth, L., & Stone, R. W. (2020). User's perceptions of perceived usefulness, 
satisfaction, and intentions of mobile application. International Journal of Mobile 
Communications, 18(1), 1-18.  

Bhattacherjee, A. (2001). Understanding information systems continuance: An 
expectation-confirmation model. MIS quarterly, 351-370.  

Bhattacherjee, A., & Lin, C.-P. (2015). A unified model of IT continuance: three 
complementary perspectives and crossover effects. European Journal of 
Information Systems, 24(4), 364-373.  

Bughin, J., Hazan, E., Sree Ramaswamy, P., DC, W., & Chu, M. (2017). Artificial 
intelligence the next digital frontier.  

Catherine, C., & Tjokrosaputro, M. (2023). Pengaruh perceived usefulness dan 
confirmation terhadap continuance intention pembelian tiket maskapai LCC: 
dengan satisfaction sebagai mediator. Jurnal Manajerial Dan Kewirausahaan, 
5(2), 383-391.  

Chou, J.-S., Chong, P.-L., & Liu, C.-Y. (2024). Deep learning-based chatbot by natural 
language processing for supportive risk management in river dredging 
projects. Engineering Applications of Artificial Intelligence, 131, 107744. 
https://doi.org/https://doi.org/10.1016/j.engappai.2023.107744  

https://doi.org/https:/doi.org/10.1016/j.tele.2018.03.016
https://www.bps.go.id/id/pressrelease/2024/11/05/2373/tingkat-pengangguran-terbuka--tpt--sebesar-4-91-persen-.html
https://www.bps.go.id/id/pressrelease/2024/11/05/2373/tingkat-pengangguran-terbuka--tpt--sebesar-4-91-persen-.html
https://doi.org/https:/doi.org/10.1016/j.engappai.2023.107744


G. R. Aprilliano, Subhan: Factor Analysis of AI Chatbot Continuance Use: An Extended Expectation 308 

 

Choudhury, A., & Shamszare, H. (2023). Investigating the impact of user trust on the 
adoption and use of ChatGPT: survey analysis. Journal of Medical Internet 
Research, 25, e47184.  

Chowdhury, S., Budhwar, P., Dey, P. K., Joel-Edgar, S., & Abadie, A. (2022). AI-employee 
collaboration and business performance: Integrating knowledge-based view, 
socio-technical systems and organisational socialisation framework. Journal of 
Business Research, 144, 31-49.  

Darma, B. (2021). Statistika Penelitian Menggunakan SPSS (Uji Validitas, Uji Reliabilitas, 
Regresi Linier Sederhana, Regresi Linier Berganda, Uji t, Uji F, R2). Guepedia.  

Davis, F. D. (1989). Perceived usefulness, perceived ease of use, and user acceptance 
of information technology. MIS quarterly, 319-340.  

Deng, J., & Lin, Y. (2023). The Benefits and Challenges of ChatGPT: An Overview. 
Frontiers in Computing and Intelligent Systems, 2(2), 81-83. 
https://doi.org/10.54097/fcis.v2i2.4465  

Djoko, S. A., & Sihono, R. D. (2021). Buku Ajar: PLS dan GeSCA Dalam Analisis Kuantitatif. 
Kepel Press.  

Frey, C. B., & Osborne, M. A. (2017). The future of employment: How susceptible are 
jobs to computerisation? Technological Forecasting and Social Change, 114, 254-
280. https://doi.org/https://doi.org/10.1016/j.techfore.2016.08.019  

Gefen, D., Karahanna, E., & Straub, D. (2003). Trust and TAM in Online Shopping: An 
Integrated Model. MIS quarterly, 27, 51-90. https://doi.org/10.2307/30036519  

Ginting, Y., Chandra, T., Miran, I., & Yusriadi, Y. (2023). Repurchase intention of e-
commerce customers in Indonesia: An overview of the effect of e-service 
quality, e-word of mouth, customer trust, and customer satisfaction mediation. 
International Journal of Data and Network Science, 7(1), 329-340.  

Hair, J., Hult, G. T. M., Ringle, C., & Sarstedt, M. (2017). A Primer on Partial Least Squares 
Structural Equation Modeling (PLS-SEM). Sage Publishing.  

Hair, J. F., Money, A. H., Samouel, P., & Page, M. (2007). Research methods for business. 
Education+ Training, 49(4), 336-337.  

Hair Jr, J. F., Hult, G. T. M., Ringle, C. M., Sarstedt, M., Danks, N. P., & Ray, S. (2021). 
Partial least squares structural equation modeling (PLS-SEM) using R: A workbook. 
Springer Nature.  

Hamid, A. A., Razak, F. Z. A., Bakar, A. A., & Abdullah, W. S. W. (2016). The effects of 
perceived usefulness and perceived ease of use on continuance intention to 
use e-government. Procedia economics and finance, 35, 644-649.  

Hossain, M. A., & Quaddus, M. (2012). Expectation–confirmation theory in information 
system research: A review and analysis. Information Systems Theory: Explaining 
and Predicting Our Digital Society, Vol. 1, 441-469.  

Hyun Baek, T., & Kim, M. (2023). Is ChatGPT scary good? How user motivations affect 
creepiness and trust in generative artificial intelligence. Telematics and 
Informatics, 83, 102030. 
https://doi.org/https://doi.org/10.1016/j.tele.2023.102030  

Ifada, A. B., & Abidin, Z. (2022). Factor analysis of continuance intention to use QR code 
Mobile payment services: An extended expectation-confirmation model (ECM). 
Journal of Advances in Information Systems and Technology, 4(2), 222-235.  

https://doi.org/10.54097/fcis.v2i2.4465
https://doi.org/https:/doi.org/10.1016/j.techfore.2016.08.019
https://doi.org/10.2307/30036519
https://doi.org/https:/doi.org/10.1016/j.tele.2023.102030


Journal of Advances in Information Systems and Technology 7(2) pp.292-311, October 2025 309 

 

Irfansyah, S. (2021). Pengaruh Perceived Usefulness terhadap Mobile Users’ Satisfaction 
dan Loyalty pada Aplikasi Go-Jek. https://doi.org/10.31219/osf.io/zpqmd  

Janna, N. M., & Herianto, H. (2021). Konsep uji validitas dan reliabilitas dengan 
menggunakan SPSS.  

Jo, H., & Bang, Y. (2023). Understanding continuance intention of enterprise resource 
planning (ERP): TOE, TAM, and IS success model. Heliyon, 9(10), e21019. 
https://doi.org/https://doi.org/10.1016/j.heliyon.2023.e21019  

Judoprajitno, F. R. (2024). Pengaruh Perceived Ease Of Use dan Perceived Usefulness 
Terhadap Continuance Intention Pengguna Mobile Banking Mandiri di 
Surabaya.  

Koesasih, S. B., Mukaromah, S., & Safitri, E. M. (2024). Evaluasi Keberlanjutan 
Penggunaan Aplikasi PLN Mobile Menggunakan Human-Computer Interaction 
dan Trust. Bridge: Jurnal publikasi Sistem Informasi dan Telekomunikasi, 2(2), 109-
116.  

Komp-Leukkunen, K. (2024). How ChatGPT shapes the future labour market situation 
of software engineers: A Finnish Delphi study. Futures, 160, 103382. 
https://doi.org/https://doi.org/10.1016/j.futures.2024.103382  

Kurniawan, S. (2018). Pengaruh Perceived Usefulness, Perceived Enjoyment, Social 
Ties, Satisfaction, Habit Terhadap Continuance Intention Pada Aplikasi 
Facebook di Indonesia. CALYPTRA, 7(1), 1441-1450.  

Ma, J., Wang, P., Li, B., Wang, T., Pang, X. S., & Wang, D. (2024). Exploring User Adoption 
of ChatGPT: A Technology Acceptance Model Perspective. International Journal 
of Human–Computer Interaction, 1-15.  

Modgil, S., Gupta, S., Kar, A. K., & Tuunanen, T. (2025). How could Generative AI support 
and add value to non-technology companies – A qualitative study. Technovation, 
139, 103124. 
https://doi.org/https://doi.org/10.1016/j.technovation.2024.103124  

Nan, D., Sun, S., Zhang, S., Zhao, X., & Kim, J. H. (2024). Analyzing behavioral intentions 
toward Generative Artificial Intelligence: the case of ChatGPT. Universal Access 
in the Information Society, 1-11.  

Ngo, T. T. A., An, G. K., Nguyen, P. T., & Tran, T. T. (2024). Unlocking Educational 
Potential: Exploring Students’ Satisfaction and Sustainable Engagement with 
ChatGPT Using the ECM Model. Journal of Information Technology Education: 
Research, 23, 021.  

Oghuma, A. P., Libaque-Saenz, C. F., Wong, S. F., & Chang, Y. (2016). An expectation-
confirmation model of continuance intention to use mobile instant messaging. 
Telematics and Informatics, 33(1), 34-47. 
https://doi.org/https://doi.org/10.1016/j.tele.2015.05.006  

Pham, H. C., Duong, C. D., & Nguyen, G. K. H. (2024). What drives tourists’ continuance 
intention to use ChatGPT for travel services? A stimulus-organism-response 
perspective. Journal of Retailing and Consumer Services, 78, 103758.  

Pradana, W. Y., & Yolanda, M. (2024). Pengaruh Perceived Usefulness Terhadap 
Continuance Intention To Use Pada Pengguna Mobile Payment Dana Dengan 
Satisfaction Sebagai Variabel Mediasi. Jurnal Ilmu Manajemen Retail Universitas 
Muhammadiyah Sukabumi, 5(1), 1-12.  

https://doi.org/10.31219/osf.io/zpqmd
https://doi.org/https:/doi.org/10.1016/j.heliyon.2023.e21019
https://doi.org/https:/doi.org/10.1016/j.futures.2024.103382
https://doi.org/https:/doi.org/10.1016/j.technovation.2024.103124
https://doi.org/https:/doi.org/10.1016/j.tele.2015.05.006


G. R. Aprilliano, Subhan: Factor Analysis of AI Chatbot Continuance Use: An Extended Expectation 310 

 

Prasetia, I. A., & Suwitho, S. (2022). Pengaruh Persepsi Kemudahan Dan Manfaat 
Terhadap Kepuasan Pelanggan Dan Minat Pembelian Ulang Pada Aplikasi 
Shopee. Jurnal Ilmu Dan Riset Manajemen (JIRM), 11(9).  

Pribadi, A. T. (2020). Pengaruh e-service quality dan trust terhadap repurchase intention 
dengan satisfaction sebagai intervening (Studi kasus pada pembeli e-commerce 
Bukalapak) UNIVERSITAS NEGERI JAKARTA].  

Putri, N. L. A., & Puspawati, D. (2024). Pengaruh Kualitas Informasi, Kualitas Layanan, 
dan Kualitas Sistem Terhadap Continuance Intention dalam Penggunaan 
Mobile Banking Melalui E-Satisfaction. Innovative: Journal Of Social Science 
Research, 4(2), 8816-8828.  

Rahayu, A. P. (2023). Evaluasi penerimaan pengguna dan kesuksesan aplikasi chatgpt 
berbasis kecerdasan buatan terhadap mahasiswa Indonesia Fakultas Sains dan 
Teknologi UIN Syarif HIdayatullah Jakarta].  

Saputra, F. B., & Wikantari, M. A. (2024). Pengaruh Service Quality, Price, dan Perceived 
Ease of Use terhadap Customer Satisfaction Pengguna Transportasi Online 
Maxim. JIIP - Jurnal Ilmiah Ilmu Pendidikan, 7(2), 1563-1570. 
https://doi.org/10.54371/jiip.v7i2.3922  

Sugiyono, D. (2013). Metode penelitian pendidikan pendekatan kuantitatif, kualitatif 
dan R&D.  

Tam, C., Santos, D., & Oliveira, T. (2020). Exploring the influential factors of continuance 
intention to use mobile Apps: Extending the expectation confirmation model. 
Information Systems Frontiers, 22, 243-257.  

Tan, M. L., Vinnell, L. J., Valentin, A. P. M., Prasanna, R., & Becker, J. S. (2023). The public's 
perception of an earthquake early warning system: A study on factors 
influencing continuance intention. International Journal of Disaster Risk 
Reduction, 97, 104032. 
https://doi.org/https://doi.org/10.1016/j.ijdrr.2023.104032  

Twenge, J. M. (2014). Generation me-revised and updated: Why today's young Americans 
are more confident, assertive, entitled--and more miserable than ever before. 
Simon and Schuster.  

Tyas, R. W., & Azizah, N. (2022). Analisa Kepuasan Pengguna Dompet Digital DANA 
Melalui Continuance Use Intention Dengan Expectation Confirmation Model. 
Jurnal Ilmiah Poli Bisnis, 14(2), 126-140.  

Urbani, R., Ferreira, C., & Lam, J. (2024). Managerial framework for evaluating AI 
chatbot integration: Bridging organizational readiness and technological 
challenges. Business Horizons, 67(5), 595-606. 
https://doi.org/https://doi.org/10.1016/j.bushor.2024.05.004  

Wu, R., & Li, P. (2023). Continuance intention to use self-delivery boxes: An empirical 
study in Tianjin, China. Journal of Retailing and Consumer Services, 70, 103152. 
https://doi.org/https://doi.org/10.1016/j.jretconser.2022.103152  

Zhu, L., Jiang, X., & Cao, J. (2023). Factors affecting continuance intention in non-face-
to-face telemedicine services: Trust typology and privacy concern perspectives. 
Healthcare,  

Zhu, Y., Zhang, J., Wu, J., & Liu, Y. (2022). AI is better when I'm sure: The influence of 
certainty of needs on consumers' acceptance of AI chatbots. Journal of Business 

https://doi.org/10.54371/jiip.v7i2.3922
https://doi.org/https:/doi.org/10.1016/j.ijdrr.2023.104032
https://doi.org/https:/doi.org/10.1016/j.bushor.2024.05.004
https://doi.org/https:/doi.org/10.1016/j.jretconser.2022.103152


Journal of Advances in Information Systems and Technology 7(2) pp.292-311, October 2025 311 

 

Research, 150, 642-652. 
https://doi.org/https://doi.org/10.1016/j.jbusres.2022.06.044  

Zou, M., & Huang, L. (2023). To use or not to use? Understanding doctoral students’ 
acceptance of ChatGPT in writing through technology acceptance model. 
Frontiers in Psychology, 14, 1259531 

https://doi.org/https:/doi.org/10.1016/j.jbusres.2022.06.044

