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Abstract

This study analyzes Al-generated writing assessments' scoring reliability and feedback con-
sistency using ChatGPT. Adopting a mixed-methods approach, 23 student descriptive texts
were evaluated across three assessment rounds. Quantitative findings showed high scoring
reliability, with an Intraclass Correlation Coefficient (ICC) of 0.93, indicating excellent con-
sistency across repeated evaluations. Qualitative analysis revealed that ChatGPT consistently
addressed five core writing criteria—content, organization, vocabulary, language use, and
mechanics. However, the feedback varied in focus and detail across rounds, and the absence
of reference to prior feedback limited its support for revision as a recursive process. The find-
ings suggest that although ChatGPT demonstrates reliable scoring and generally stable feed-
back themes, it lacks the continuity to facilitate sustained writing development. To enhance
its pedagogical value, Al-based feedback systems should be designed to build upon previous
responses, thereby enabling more effective support for students’ progressive improvement in
writing.
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I. Introduction

The rapid advancement of Artificial Intelligence (AI) has profoundly transformed
many sectors, including education. One of the most notable changes is in writing assessment
practices. Al systems now utilize machine learning and natural language processing (NLP)
techniques to automatically evaluate written texts, assign scores, and generate immediate

feedback for learners (Beiting-parrish, 2024). These technologies significantly reduce the
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grading workload for educators, allowing more time for instructional activities instead of re-
petitive evaluation tasks. As such, Al has become an integral component of modern educa-
tional assessment frameworks (Roll & Ford, 2016).

Accurate and consistent assessment is fundamental to effective learning and evalua-
tion. In writing instruction, reliable feedback is essential for helping students recognize their
strengths and weaknesses and guiding their revision process. Al tools such as Grammarly,
Turnitin Revision Assistant, and ChatGPT have gained widespread popularity among edu-
cators for providing automated, timely feedback on grammar, style, and content (Neill &
Russell, 2019). Surveys indicate a growing reliance on Al tools in writing assessments, with
some studies reporting that over 60% of teachers incorporate Al support regularly in their
grading practices (Barshay, 2004).

Despite these benefits, important concerns regarding the reliability and consistency of
Al-generated scores and feedback persist. When Al systems assess the same text multiple
times, inconsistencies in scoring and feedback can occur, confusing students and educators
alike. This variability undermines trust in AI tools and raises questions about their suitability
as standalone evaluators in academic settings (J. Li et al., 2024). Inaccurate or inconsistent
feedback could lead students to receive mixed messages about their writing quality, poten-
tially hindering their progress. Given the increased reliance on Al for grading, these concerns
highlight the necessity for rigorous investigation into Al reliability (Kim et al., 2024).

This study addresses this concern by investigating whether Al tools provide consistent
scores and feedback when evaluating identical student texts multiple times. Specifically, this
research focuses on ChatGPT (free version) developed by OpenAl, which has become
widely used among educators and students due to its accessibility and ability to generate im-
mediate writing feedback. Understanding this consistency is crucial, as stable evaluations fos-
ter more precise guidance for learners and more confident use by educators. While previous
research has examined Al's accuracy compared to human raters (Kim et al., 2024), fewer
studies have focused on the repeatability of Al-generated feedback and scores, particularly
using ChatGPT in its free, publicly available form. This gap leaves educators without sufti-
cient evidence to gauge the dependability of these tools over time (Barshay, 2004).

The current study employs a mixed-methods design that combines quantitative and
qualitative approaches to fill this gap. The quantitative aspect uses the Intraclass Correlation
Coefficient (ICC) to measure the reliability of Al-generated scores across repeated assess-
ments of the same texts (Hove et al., 2022). Meanwhile, the qualitative aspect applies the-
matic analysis to evaluate the consistency and pedagogical relevance of the feedback com-
ments produced by ChatGPT (free version) (Attali & Burstein, 2006). This dual approach
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allows for a comprehensive evaluation of both numerical scoring consistency and the mean-
ingfulness of written feedback.

This research aims to examine the consistency of Al-generated scores on identical stu-
dent texts, analyze the relevance and consistency of the feedback provided by ChatGPT, and
identify factors that may contribute to variations in scoring or feedback. These objectives
align with the overall aim of understanding free-access Al systems' reliability and potential

limitations in evaluating student writing.

Al in Writing Assessment

Artificial intelligence (AI) is increasingly integrated into educational contexts, particu-
larly in writing assessment. AI-powered tools analyze and evaluate written text using machine
learning algorithms and NLP techniques. These tools vary in sophistication, from basic
grammar and style checkers like Grammarly and ProWritingAid to advanced systems such as
ETS's Criterion and Turnitin's Revision Assistant, which provide holistic feedback and au-
tomated scoring. Large language models (LLMs) like ChatGPT have emerged, offering the
potential for assessment and personalized writing instruction (M. Li, 2024).

The adoption of Al for writing assessments offers numerous benefits. These tools de-
liver instant feedback, promoting learner autonomy and encouraging iterative revisions
(Roisah et al., 2024). They also ensure consistent application of scoring criteria, reducing
subjective bias commonly found in human grading (Balfour, 2013). Moreover, Al systems
can efficiently process large volumes of writing, making them ideal for large-scale assess-
ments.

Nevertheless, the use of Al in assessment also presents challenges. A significant concern
is the lack of transparency in how Al systems produce their evaluations, often called the
"black box" issue (Kim et al., 2024). Furthermore, Al tools may struggle with nuanced writ-
ing elements such as creativity, tone, and rhetorical effectiveness (Polakova & Ivenz, 2024).
Their reliance on standardized models may promote formulaic writing styles, potentially lim-
iting students' expressive capabilities. Ethical concerns, including data privacy and algorith-

mic bias, remain significant (Lim et al., 2023).

Reliability in Writing Assessment

Reliability is a key criterion in evaluating any assessment tool, including AI-based sys-
tems. In traditional writing assessment, reliability includes inter-rater reliability (consistency

between different raters) and intra-rater reliability (consistency by the same rater over time).
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These forms of reliability are commonly assessed using statistical methods like Cohen’s
Kappa and ICC to quantify agreement levels (Hove et al., 2022).

In Al systems, reliability primarily refers to the consistency of scores and feedback gen-
erated by the algorithm. This includes test-retest reliability (whether the same input yields
the same result across different instances) and concurrent validity (comparison with scores
from expert human raters) (Attali & Burstein, 2006). Studies in this area often use bench-
mark datasets and controlled environments to evaluate whether Al tools produce stable, re-
producible outcomes.

Despite efforts to ensure reliability in Al-driven assessment, challenges persist. Scoring
variability may be influenced by prompt structure, genre, or non-standard language features
(Evan et al., 2010). Furthermore, periodic updates or retraining of AI models can cause

changes in scoring patterns, raising concerns about consistency over time (Anson et al., 2023)

Previous Studies on Al Feedback and Scoring

Numerous studies have explored the effectiveness and consistency of Al writing tools.
Research on Grammarly shows high reliability in identifying grammar, punctuation, and
style errors (Neill & Russell, 2019), though it is less effective in addressing deeper aspects like
argument structure or coherence (Shofiah et al., 2023). Likewise, studies on Criterion
demonstrate reasonable alignment with human scorers on holistic scores but limited diag-
nostic feedback capacity (Attali & Burstein, 2006).

More recently, generative Al tools like ChatGPT have attracted attention for their abil-
ity to simulate detailed feedback and evaluate a wide range of writing tasks. Initial findings
suggest that ChatGPT can offer relevant and articulate feedback. However, concerns about
its consistency have emerged—particularly when the exact text is evaluated multiple times or
under slightly varied prompts (Link & Koltovskaia, 2023). Additionally, Al feedback may
occasionally include biased or hallucinated content, potentially misleading learners.

Despite growing interest, research gaps remain. Few studies have systematically com-
pared multiple Al tools using consistent datasets, making generalizations difficult. Most ex-
isting research focuses on higher education and professional writing contexts, with limited
attention to EFL learners or beginner writers. Moreover, longitudinal studies that examine
whether AT feedback results in actual writing improvement are scarce (Kim et al., 2024).
These gaps indicate that there must be more rigorous, comparative, and context-sensitive

investigations into AlI's reliability and pedagogical impact in writing assessments.
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II. Method

This study employs a sequential explanatory mixed methods design, combining quan-
titative and qualitative approaches in two clear phases. As Creswell (2023) outlined, the pro-
cess begins with collecting and analyzing quantitative data, followed by qualitative data col-
lection and analysis to clarify and expand on the initial findings. The quantitative phase as-
sesses the reliability of ChatGPT’s scoring using the Intraclass Correlation Coefficient
(ICC), while the qualitative phase examines the consistency of its feedback via thematic anal-
ysis. By integrating these methods, the study is expected to provide a comprehensive under-
standing that captures measurable outcomes and the nuanced insights behind ChatGPT’s
feedback in writing assessment.

This study's participants were 23 fourth-semester students from the English Education
Program at STAIN Mandailing Natal. They were enrolled in an intermediate writing course
and chosen because they were actively involved in academic writing activities during the se-
mester. The writing they submitted was used as the primary data for this study.

To testhow consistent ChatGPT is in scoring and giving feedback, each student's writ-
ing was submitted three times to the same Al tool, ChatGPT (free version) by OpenAl, un-
der the same conditions each time. ChatGPT was chosen because of its strong ability to un-
derstand and produce human-like text and because it is widely used in education to help as-
sess writing. It is known for providing detailed and helpful comments, which makes it suita-
ble for this research (Beiting-parrish, 2024).

Each submission was done in a different session to avoid any influence from earlier
interactions. For every submission, the score and the feedback ChatGPT gave were saved for
turther analysis. This process produced a rich data set to evaluate how consistently the AI
works.

To measure how consistent ChatGPT’s scores were across the three submissions of the
same writing, the Intraclass Correlation Coefficient (ICC) was used. Specifically, this study
used the ICC(2,1) model, a type of analysis that checks if the same tool gives similar results
under the same conditions. This model is often used in education and psychology to test
how reliable a measurement is when done multiple times. A higher ICC score means better
consistency. Using this method, the study aimed to provide solid evidence of whether
ChatGPT gives stable and trustworthy scores in academic writing situations.

For the qualitative part, the focus was on analyzing the feedback given by ChatGPT.
Since each of the 23 student texts was submitted three times, the study gathered 69 feedback
responses. These feedback comments usually addressed content, organization, vocabulary,

language use, and mechanics. Like the scoring process, each submission for feedback was



Profesi Keguruan VOLUME 10(1) 2025 71

done in a different session to ensure that the AI gave fresh evaluations each time. This setup
helped the researchers see whether the feedback was consistent and helpful across the three
responses for each text.

The study used thematic analysis to analyze these feedback responses, as Nowell et al.
(2017) explained. This method helps to identify patterns in the data. A total of 69 feedback
entries were collected—three for each of the 23 students’ descriptive writing assignments. All
feedback was organized systematically in a Google Sheets spreadsheet, with each row repre-
senting one feedback instance labeled by the student's ID and the feedback sequence (first,
second, or third). The researcher carefully read through all feedback to identify common
themes and developed six main categories to classify the comments: grammar, vocabulary,
organization, content, mechanics, and overall writing quality. Each piece of feedback was
manually coded by marking relevant parts under these categories. Using Google Sheets’ func-
tions, the researcher counted and compared how frequently each category appeared across
each student's three rounds of feedback. This process helped reveal patterns of similarity or
differences, making evaluating the consistency of ChatGPT’s feedback easier over time. Fi-
nally, the coded data and patterns were interpreted qualitatively, supported by selected ex-
amples from the feedback, to assess the reliability and focus of ChatGPT’s evaluative com-
ments.

In short, this methodology was carefully designed to test how reliable and consistent
ChatGPT (free version) is when used to evaluate student writing. By involving real students
and combining statistical tools with detailed feedback analysis, this study provides helpful
information regarding the strengths and limits of using Al tools like ChatGPT in academic

writing assessment.

II1. Result and Discussion

This section presents the main results of the study, which aimed to analyze how con-
sistent and proper Al-generated scores and feedback are when using ChatGPT for writing
assessments. The findings are divided into two parts, which align with the study's mixed-
methods approach. The first part explains the quantitative results, focusing on how con-
sistent ChatGPT's scoring is using a statistical measure called the Intraclass Correlation Co-
efficient (ICC). The second part presents the qualitative results based on a thematic analysis
of the feedback ChatGPT gave on three different occasions for the same student texts. This
structure helps provide a complete picture of both the reliability of AI scoring and the qual-
ity of the feedback while also highlighting the strengths and limitations of Al in academic

writing evaluation.
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Reliability of AI-Generated Scores

The statistical analysis of 23 descriptive texts scored in three separate rounds revealed
some significant patterns. The average score was 11.52 in the first round, 11.00 in the second,
and 10.87 in the third. These small changes show that ChatGPT's scores were fairly stable
over time. The overall average score across all sessions was 11.13.

The lowest score given was 5, and the highest was 19, showing that ChatGPT could
recognize differences in writing quality. The standard deviation was 3.22, indicating moder-
ate variation among the students’ scores.

The average variance in scores for each text was 0.71, which is low. This means that
most of the time, the AI gave similar scores for the same text. Some texts—like Texts 3, 10,
11, 12, and 23—even received the same score in all three rounds. A few others—Ilike Texts 6,
9, and 15 to 18—showed greater score changes (up to 3 points), but the differences were still

within a reasonable range.

Table 1. Intraclass Correlation Coefticient (ICC) Results
Parameter Value
Model ICC(2,1)
Number of Subjects (n) 23
Number of Raters (k) 3
Mean Square (Subjects) ~ 31.05
Mean Square (Raters) 2.74
Mean Square Error 0.62
ICC(2,1) 0.93

To test how consistent the scores were, the study used ICC(2,1)—a statistical model
that measures agreement in repeated ratings. The ICC result was 0.93, which is considered
excellent reliability (Koo & Li, 2016). This means ChatGPT gave consistent scores across the
three evaluations.

The results also show that most score differences were due to actual differences in the

texts, not inconsistent scoring. So, the scoring process can be trusted.

Consistency of ChatGPT Feedback

Thematic analysis of the feedback focused on five areas: content, organization, vocab-

ulary, language use, and mechanics. Across all three rounds, ChatGPT consistently focused
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on these key writing components. This shows that AI can reliably guide students in improv-
ing their writing. In every round, the AI highlighted the same main areas needing improve-

ment:

Table 2. Consistent Themes in ChatGPT’s Feedback Across Three Rounds

Criterion Consistent Focus

Content Asked for more vivid, detailed descriptions.

Organization A clear structure is reccommended: introduction, body, and conclusion.

Vocabulary Suggested using richer, more expressive words.

Language Use Emphasized complete sentences and correct grammar.

Mechanics Highlighted mistakes in punctuation and capitalization.

For example, in terms of content, ChatGPT repeatedly asked for more sensory descrip-
tions of the beach—what it looks like, sounds like, and feels like. It also stressed the im-

portance of organizing the text well, with a clear beginning, middle, and end.

Variations in Feedback Detail and Style

The table below presents three sets of feedback across five writing criteria—content,
organization, vocabulary, language use, and mechanics—to illustrate how ChatGPT’s feed-
back varies based on different writing drafts. Each column shows a different way the Al pro-
vides suggestions to improve the same piece of student writing.

The analysis of feedback generated by ChatGPT on students’ writing reveals that while
the AI consistently focuses on five key writing criteria—content, organization, vocabulary,
language use, and mechanics—the specific points of feedback vary across drafts. These vari-
ations occur without clear indicators of whether previously identified issues have been re-
solved. This inconsistency can make it difficult for students to track their progress or under-
stand which revisions were effective. Although the feedback generally aims to enhance over-
all writing quality, the lack of continuity and follow-up on earlier comments limits its effec-

tiveness in supporting revision as a recursive process.
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Table 3. Sample of Variation of ChatGPT Feedback Across Three Identical Drafts

Based on the Writing Criteria

Criteria Feedback 1 Feedback 2 Feedback 3

Content Add details like what  Add vivid details, like Add sensory details—what
the water looks like thesound of wavesor do you see, hear, feel, or
orhow the wind feels the smell of ocean smell? Describe the sound
on your face. breeze. of waves, warm sand, etc.

Organiza-  Use transitions like Use linking words Start with a hook ("The

tion "Next,"” "Also,” and like “Next,” “Also,” beach is my happy place”),
"One more thing I or “After that.” and end with a conclusion
like..." ("That is why I love going

there").

Vocabu- Use expressive words  Try "massive," "peace- Use more expressive words

lary like "peaceful,” "re- ful," and 'relaxing” like "relaxing,” "peaceful,”
laxed," and "joyful."  for more colorful and "joyful; swap "big"

writing. with "vast” or "endless."

Language  Fix subject-verb Watch subject-verb Focus on  subject-verb

Use agreement and plu- agreement: “It agreement and plurals.
rals—minor adjust- makes,” “families Read out loud to catch is-
ments. come,” “sandcastles.”  sues.

Mechanics  Double-check  for Double-check  sen- Double-check  grammar

grammar bits; read-
ing aloud might

help.

tences: fix “gives” vs.

“give.”

and punctuation. Use a
spell checker or ask a friend

to proofread.

In terms of content, the Al initially recommends adding specific sensory details,

such as what the water looks like or how the wind feels. Subsequent feedback shifts to

suggestions like describing the sound of waves or the smell of the ocean breeze. By the

third round, the AI advises including multiple sensory descriptions—sight, sound,

touch, and smell—without referencing whether earlier content suggestions had been

addressed. This pattern also appears in feedback on organization. At the same time, the

first and second rounds encourage transitions like "Next," "Also," or "After that.” The

third revision suggests adding a hook at the beginning and a firm conclusion, again

without evaluating the implementation of earlier suggestions.
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For vocabulary, the Al suggests using expressive words such as "peaceful,” "re-
laxed,” or "joyful” in the first round. Later, it recommends more varied adjectives like
"massive” or "endless.” Although this approach enriches students’ word choices, the Al
provides no feedback on whether previously recommended vocabulary had been inte-
grated. Similarly, language use feedback consistently points out subject-verb agreement
issues, yet there is no indication of whether students have improved or repeated the
same mistakes. Regarding mechanics, the Al repeatedly advises proofreading strate-
gies—reading aloud, using spell check, or peer review—but does not mention whether
prior mechanical errors have been corrected.

The findings suggest that although ChatGPT delivers relevant and constructive
teedback aligned with standard writing traits, its shifting focus and lack of follow-up
make it difficult for students to monitor their writing improvement. More effective
support would involve continuity in feedback, including explicit references to past re-
visions and whether issues have been resolved or persist.

This study clearly shows that Al-generated feedback can offer consistency and
instructional flexibility, which are essential in helping students develop their writing
skills. By analyzing 69 feedback instances from 23 student texts over three rounds, the
study presents a detailed picture of how ChatGPT behaves during repeated assess-
ments.

The ICC analysis and other statistics prove that ChatGPT's scores are stable. The
scores did not change much from one round to the next, and the average variance per
text was minimal. Several texts even received the same score in all three rounds. The
result matches findings from Attali & Burstein (2006) and Hackl et al. (2023), who
found that Al scoring systems like e-rater and Criterion consistently produce reliable
results. Such stability is important because it builds trust among students and teachers
in the fairness and objectivity of Al scoring.

Beyond scores, the feedback itself also showed thematic consistency. Each time,
ChatGPT emphasized the same five writing elements: content, structure, vocabulary,
grammar, and mechanics. Such consistency shows that the AT has a stable instructional
approach, which is helpful for teachers and students trying to strengthen their writing
skills.

For example, under the content category, all feedback rounds suggested making
the writing more descriptive using sensory language. Structural advice was also con-
sistent—suggesting a clear beginning, middle, and end. These areas are commonly high-

lighted in writing feedback literature, such as by Bitchener et al. (2017), who said that
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the best feedback focuses on both big-picture elements (like content and structure) and
more minor details (like grammar and punctuation).

Other studies, like those by Anson et al. (2023), also show that Al tools like Gram-
marly and Write & Improve often focus on these key areas, helping students identify
repeated weaknesses, especially in grammar and word choice.

However, this strength also highlights a subtle weakness in terms of consistency.
While ChatGPT focuses on broad writing categories, the specific points it addresses
within each category can shift from round to round. For example, initial feedback
might focus on general vocabulary improvement, while later feedback could emphasize
stylistic choices or sentence variety. Although enriching the feedback, this variation
may unintentionally create challenges for learners.

One potential issue is the lack of clear progress markers. Students often benefit
from repeated reminders and explicit follow-ups on earlier feedback to understand
which issues remain unresolved. If ChatGPT moves on to new suggestions without
clearly revisiting previous points, students may feel uncertain about their progress or
miss out on reinforcing important writing skills. This shifting focus could also confuse
or overwhelm, making it difficult for learners to prioritize which feedback to address
first.

Moreover, ChatGPT’s feedback lacks the human tutor’s ability to hold students
accountable by tracking whether earlier suggestions have been implemented. This ab-
sence of explicit continuity may reduce the coherence of the revision process and make

it harder for students to internalize recurring strengths or weaknesses in their writing.

IV. Conclusion

This study shows that ChatGPT is a reliable and consistent tool for assessing stu-
dent writing. The scoring results were highly consistent across three rounds, with an
excellent Intraclass Correlation Coefticient (ICC) of 0.93. This finding indicates that
ChatGPT can objectively evaluate differences in students’ writing quality. In addition
to stable scoring, its feedback remains focused on key aspects such as content, organi-
zation, grammar, vocabulary, and mechanics. One strength of using ChatGPT in this
research is its ability to offer progressively detailed and helpful advice rather than simply
repeating the same comments, which enhances its instructional value across multiple

revisions.
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However, a notable limitation is the lack of follow-up on previously mentioned
issues. While the AI consistently addresses general writing criteria, it tends to vary spe-
cific comments without indicating whether earlier problems have been resolved. Such
an oversight can make it harder for students to track their progress or see which areas
still need attention. Unlike human tutors, ChatGPT does not yet provide continuity
or accountability in its feedback over time.

ChatGPT offers potential as a writing assistant, primarily providing quick, con-
sistent evaluations and broad instructional guidance. Future versions should include
features that can track prior feedback, revisit unresolved issues, and support students
through a more structured and goal-oriented revision process to further improve its ed-

ucational usefulness.
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