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Artificial Intelligence (AI) has experienced rapid growth, particularly among Generation Z in the 
workplace. AI offers numerous benefits across various domains, especially in enhancing productivity 
and work efficiency. However, the advancement of this technology has also generated concerns, such 
as job insecurity resulting from fears of being replaced by technology. Individuals' attitudes toward AI 
influence how they accept and utilize AI technologies. General attitudes toward AI may be either 
positive or negative, depending on how individuals perceive the development of AI technology. These 
differences in attitudes may influence individuals' work experiences, including their level of engagement 
at work. Work engagement is a positive psychological state characterized by vigor, dedication, and 
absorption in work activities. This study aimed to examine the relationship between general attitudes 
toward AI and work engagement among Generation Z. A quantitative approach with a correlational 
design was employed. The sample consisted of 101 Generation Z employees who were actively working 
and had experience using AI, selected through purposive sampling. Data were collected using the 
General Attitudes toward Artificial Intelligence Scale (GAAIS) and the Utrecht Work Engagement 
Scale (UWES). Pearson correlation analysis was conducted to examine the relationship between the 
variables. The results revealed no significant relationship between general attitudes toward AI and work 
engagement among Generation Z (r = .056, p = .575, p > .05). The relationship between the two 
variables was categorized as very weak. These findings indicate that general attitudes toward AI do not 
necessarily influence individuals' levels of work engagement. The findings further imply that efforts to 
enhance work engagement should consider factors beyond general attitudes toward AI, including 
aspects related to employees' work experiences and work environment. 
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 INTRODUCTION  

Technological advancements such as Artificial Intelligence (AI) have grown exponentially in 

recent years. Among academics, Rosli et al. (2026) note that the majority of Gen Z students (60.5%) 

have been using AI for more than a year. Upon entering the professional world, Gen Z adopts these 

digital habits in their daily work. Global data from Deloitte (2025) shows that 57% of Gen Z workers 

have been actively using Generative AI (GenAI) a subset of AI in their daily work. As many as 30% 

of Gen Z workers utilize AI throughout their workday. 

Gen Z workers’ use of AI to support their professional tasks is concentrated in several job 

areas, including data analysis (39%), content creation (37%), design-related roles (34%), and project 

management (32%). The adoption of AI in these roles has had a significant positive impact on task 

efficiency, with 78% of Gen Z workers reporting an improvement in work quality and 77% noting that 

it has helped them reduce their work hours (Deloitte, 2025). This phenomenon demonstrates how 

functional reliance on AI has shaped new work patterns for Gen Z. 

The extent of AI usage can also be assessed by looking at the percentage of Generative AI 

usage, which is a subset of AI. As of March 2024, there were at least hundreds of GenAI forums 

available to the public. Data shows that the forty GenAI forums with the highest traffic reached three 

billion visits per month. The GenAI ecosystem is dominated by flexible and functional chatbots, which 

account for 95% of the total forty GenAI forums, such as ChatGPT. ChatGPT, which has 

approximately 500 million monthly users, accounts for 82.5% of all AI traffic. This figure is equivalent 

to 12.5% of the total global workforce (Liu & Wang, 2026). 

AI is a technological system designed to mimic human cognitive abilities, ranging from 

language processing and visual pattern recognition to data-driven decision-making (Wang & Siau, 

2019). AI can provide various forms of support, including cognitive, structural/strategic, and 

emotional/psychosocial support. Cognitive support is provided by reducing the complexity of 

information. Furthermore, structural support is provided through work organization and planning. 

Finally, emotional support is provided by boosting self-efficacy, which transforms uncertainty into 

actionable steps (Çögenli, 2026). These capabilities make AI one of the greatest innovations of the 

digital transformation era. Therefore, AI can improve productivity and work quality with varying 

impacts (Brynjolfsson et al., 2023; Noy & Zhang, 2023). 

The impact of AI in the professional environment is diverse and complex. It presents unique 

challenges for individuals by raising concerns about instability and anxiety regarding technological 

advancements. One of the greatest anxieties arising from the development of AI is job insecurity 

stemming from fears of being replaced by technology (Cramarenco et al., 2023). According to the 

“Deloitte Global 2025 Gen Z and Millennial Survey,” which involved 23,482 participants from 44 

countries, approximately 40% of Gen Z AI users experience ongoing stress and anxiety, with 35% of 

that stemming from their jobs (Deloitte, 2025). Thus, AI can be beneficial in improving individual 

well-being by helping to meet needs in various aspects. However, AI also presents challenges that can 

have a negative impact in the workplace. 

Given this, general attitudes toward AI can determine the level of acceptance and use of the 

technology in everyday life (Zhang & Dafoe, 2019). Based on research by Schepman & Rodway 

(2020), two main factors were identified that represent attitudes toward AI: positive attitudes toward 

AI and negative attitudes toward AI. Positive attitudes toward AI are characterized by the benefits AI 

provides to society and individuals, while negative attitudes toward AI reflect individuals’ concerns 

about AI. This situation indicates a gap in the adoption of AI technology. 

An individual’s attitude toward AI plays a role in shaping how they utilize the technology in 

a work context. Individuals with a positive attitude toward AI will view it as a technology that is 

beneficial and supportive of human life, such as by increasing productivity, efficiency, and ease in 

completing tasks (Davenport & Ronanki, 2018). Conversely, individuals with negative attitudes 

toward AI will harbor concerns about the development of AI technology, such as job displacement, 
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security risks, and ethical issues surrounding its use (Brougham & Haar, 2018). These differences have 

the potential to influence individuals’ work experiences, including their level of work engagement. 

According to Schaufeli & Bakker (2004), work engagement is conceptualized as an optimal affective 

and cognitive state, manifested through three essential dimensions: vigor, dedication, and absorption. 

Specifically, the vigor dimension represents an employee’s mental resilience and energetic vitality in 

executing their tasks. The dimension of dedication represents pride, enthusiasm, and the emotional 

significance attached to one’s profession. Meanwhile, absorption marks a cognitive phase in which an 

individual becomes fully immersed and focuses their full attention on the dynamics of their work. 

Individuals with high levels of work engagement tend to be more productive, committed, and capable 

of adapting to work demands. 

In demographic literature, individuals born between 1993 and 2005 are specifically categorized 

as Generation Z (Turner, 2015). Gen Z is also known as the I-generation, the net generation, and digital 

natives. Technological advancements have shaped the characteristics of Gen Z, a generation whose 

formative years have been marked by the digital revolution, shifting social values, and uncertain 

economic dynamics (Chan & Lee, 2023). These conditions have made Gen Z the generation most 

familiar with technological developments, including the use of AI in both daily life and the workplace. 

General attitudes toward AI and work engagement are highly relevant in the context of the 

modern workplace. However, research particularly in Indonesia on these two variables remains 

limited and tends to be examined separately. Meanwhile, Gen Z is a generation with a high level of 

exposure to technology, especially AI. Therefore, research on the relationship between general 

attitudes toward AI and work engagement among Gen Z is crucial to understanding the role that 

attitudes toward AI play in shaping levels of work engagement. This study was designed to empirically 

map Gen Z’s affective and cognitive responses to AI in the workplace, while also providing 

organizations with guidance to ensure that the adoption of AI technology acts as a catalyst rather than 

a barrier to work engagement. 

In response to the urgency of the phenomenon described above, this study aims to examine 

the relational dynamics between general attitudes toward AI and work engagement among Gen Z. 

This study seeks to expand the conceptual understanding of how Gen Z’s general attitudes toward AI 

impact work engagement. Furthermore, this study offers a new foundation that has the potential to 

serve as a strategic reference for future research agendas in the field of industrial and organizational 

psychology. 

METHOD 

This study employs a quantitative approach with a correlational design. A quantitative 

approach was used because this study aims to examine the relationship between two variables: general 

attitudes toward AI and work engagement among Gen Z. A correlational design was chosen because 

the study does not apply specific treatments to participants but focuses on whether or not there is a 

significant relationship between the two variables (Fitzgerald et al., 2004). Thus, the correlational 

design provides an empirical picture that does not focus on testing the effectiveness of the two variables 

but rather examines the direction and strength of the relationship between them. This study is cross-

sectional in nature because data were collected at a single point in time through the distribution of an 

online questionnaire. Through this design, the researcher can observe the relationship between the two 

variables based on the participants’ conditions at the time of data collection. A cross-sectional design is 

used to examine associations at a single point in time; therefore, it is not intended to demonstrate a 

direct cause-and-effect relationship (Maier et al., 2023). 

General attitudes toward AI refer to an individual’s overall perspective on AI technology, 

comprising both positive and negative dimensions. This variable can be measured using the General 

Attitudes toward AI Scale developed by Schepman and Rodway (2020). This scale consists of a positive 

dimension (positive attitudes toward AI) and a negative dimension (negative attitudes toward AI). On 
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this measurement tool, a high score indicates an increasingly positive attitude toward the use of AI, 

while a low score indicates a negative attitude toward AI. Meanwhile, work engagement refers to 

employees’ alignment with their job roles. According to this perspective, individuals express themselves 

physically, cognitively, and emotionally in the performance of their work (Kahn, 1990). This variable 

can be measured using the Utrecht Work Engagement Scale-9 (UWES-9), which consists of the 

dimensions of vigor, dedication, and absorption. On this scale, higher scores indicate a higher level of 

work engagement in an individual, while lower scores indicate low work engagement. 

The subjects of this study were Gen Z individuals born between 1993 and 2005 who are 

currently employed, are familiar with or have used AI in their daily lives or at work, and were willing 

to voluntarily complete the research questionnaire. Based on these criteria, this study recruited 101 

eligible participants who took part in the data collection. The sampling technique used was non-

probability sampling with a purposive sampling method. This technique was chosen based on the need 

to obtain data from individuals with specific qualifications relevant to the study’s focus, rather than 

based on random representation of the population. The sample size for this study was determined based 

on the number of participants who met the criteria and were successfully recruited during the data 

collection process (Creswell, 2009). 

This study employed a natural setting because data collection was conducted under the 

participants’ natural conditions without any manipulation by the researchers. Data collection was 

conducted online using Google Forms. This platform was chosen because it is more practical and 

facilitates the distribution of the questionnaire to participants who met the study criteria. The research 

instruments were compiled into a single questionnaire consisting of two sections: the General Attitudes 

toward Artificial Intelligence Scale (GAAIS) and the Utrecht Work Engagement Scale (UWES) Short 

Version (Schaufeli et al., 2006). 

The General Attitudes toward Artificial Intelligence Scale (GAAIS) is used to measure general 

attitudes toward AI (Schepman & Rodway, 2020). The GAAIS uses a Likert scale with five response 

options: 1 = Strongly Disagree; 2 = Disagree; 3 = Neutral; 4 = Agree; 5 = Strongly Agree. With a total 

of 101 research participants, the degree of freedom used was (N - 2 = 99). Based on the significance 

level of 0.05 used in the study, the minimum validity threshold (table r) for the GAAIS measure was 

determined to be (table r = .195). Based on the test results, it was found that the 20 items of the GAAIS 

measure had varying calculated r values. The GAAIS validity coefficient was lowest (r = .343) for item 

13 and highest (r = .665) for item 6. Since all items have calculated r values greater than the table r 

value (r > .195), it can be concluded that the entire GAAIS measurement instrument is absolutely valid 

and accurately measures the variable “general attitudes toward AI.” A summary of the GAAIS validity 

test results is presented in Table 1 below. 

 

Table 1. GAAIS Validity Test 

            Item Pearson Correlation            Description 

GAAIS 1 .450 Valid 

GAAIS 2 .486 Valid 

GAAIS 3 .538 Valid 

GAAIS 4 .437 Valid 

GAAIS 5 .533 Valid 

GAAIS 6 .665 Valid 

GAAIS 7 .632 Valid 

GAAIS 8 .408 Valid 

GAAIS 9 .412 Valid 

GAAIS 10 .459 Valid 

GAAIS 11 .591 Valid 
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GAAIS 12 .599 Valid 

GAAIS 13 .343 Valid 

GAAIS 14 .349 Valid 

GAAIS 15 .485 Valid 

GAAIS 16 .474 Valid 

GAAIS 17 .463 Valid 

GAAIS 18 .422 Valid 

GAAIS 19 .411 Valid 

GAAIS 20 .401 Valid 

In the reliability testing of the General Attitudes toward Artificial Intelligence Scale (GAAIS), 

Cronbach’s alpha coefficient was used; a measurement instrument can be considered reliable and 

consistent if the coefficient value obtained is greater than the required minimum threshold (α ≥ .70). 

Based on the results of the reliability analysis, the reliability coefficient was (α = .814), indicating that 

the measurement instrument has good reliability. Table 2 below summarizes the reliability coefficients 

obtained for the GAAIS measurement instrument. 

 Table 2. GAAIS Reliability 

Cronbach’s Alpha N         Description 

.814 20 Reliable 

The Utrecht Work Engagement Scale (UWES) Short Version was developed by Schaufeli et 

al. (2006). The short version of the UWES consists of 9 items covering the three main dimensions of 

work engagement: vigor, dedication, and absorption (Schaufeli et al., 2002). The short version of the 

UWES uses a Likert scale with seven response options: 0 = Never; 1 = Almost Never; 2 = Rarely; 3 = 

Sometimes; 4 = Often; 5 = Very Often; and 6 = Always. With a total of 101 participants (d f = 99) and 

a significance level of 0.05, the table r value has a standard reference of (r table = .195). Based on the 

validity test results for the 9 UWES items, the range of calculated r values ranged from the lowest (r = 

.475) for UWES item 8 to the highest (r = .794) for UWES item 6. Since the calculated r values for all 

items were found to be significantly greater than the table r value (r > .195), it can be concluded that 

the UWES measurement instrument used in this study is valid. The statistical results of the validity test 

for the UWES measurement instrument are summarized in Table 3 below. 

Table 3.  UWES Validity 

                 Item Pearson Correlation     Description 

UWES 1 .671 Valid 

UWES 2 .700 Valid 

UWES 3 .767 Valid 

UWES 4 .786 Valid 

UWES 5 .719 Valid 

UWES 6 .794 Valid 

UWES 7 .771 Valid 

UWES 8 .475 Valid 

UWES 9 .655 Valid 

 

The reliability test for the Utrecht Work Engagement Scale (UWES) Short Version used the 

same Cronbach’s Alpha formula as the test for the GAAIS. Based on the data analysis, a Cronbach’s 
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Alpha value of (α = .869) was obtained. Since this reliability value exceeds the required minimum 

threshold of (α ≥ .70), all items in the UWES were deemed highly reliable. The results of the reliability 

test for the UWES are presented in Table 4 below. 

 

Table 4. UWES Reliability 

Cronbach’s Alpha N Description 

.869 9 Reliable 

The GAAIS measurement instrument used in this study was adapted into Indonesian by Sirait 

et al. (2024). Based on the adaptation results, the instrument demonstrated fairly good construct 

validity; however, the results of the Confirmatory Factor Analysis (CFA) did not meet the goodness-

of-fit criteria (CFI = .760; RMSEA = .951; TLI = .730; SRMR = .087). These values do not meet the 

goodness-of-fit criteria recommended by Hu & Bentler (1995), namely (RMSEA < 0.05 and CFI, NFI, 

and GFI > 0.95). 

Table 5. GAAIS Fit Measures 

 RMSEA 90% CI 

CFI TLI SRMR RMSEA Lower Upper 

0.760 0.730 0.0867 0.0951    0.0795   0.110 

The UWES-9 measurement instrument used in this study was adapted into Indonesian by 

Kristiana et al. (2018). Based on the adaptation results, the instrument demonstrated fairly good 

construct validity, with Confirmatory Factor Analysis (CFA) results meeting the goodness-of-fit criteria 

(CFI = .710; RMSEA = .232; TLI = .614; SRMR = .117). These values do not yet meet the goodness-

of-fit criteria recommended by Hu & Bentler (1995), namely RMSEA < 0.05 and CFI, NFI, and GFI 

> 0.95. 

Table 6. UWES Fit Measures 

 RMSEA 90% CI 

CFI TLI SRMR RMSEA Lower Upper 

0.710 0.614 0.117 0.232     0.200    0.265 

 

It can therefore be concluded that the factor structures of the two measurement instruments 

the GAAIS and the UWES-9 do not yet show optimal fit with the model. Nevertheless, the 

instruments still demonstrate adequate psychometric quality based on the results of the item validity 

and reliability tests. All items have item-total correlation coefficients that meet the established criteria, 

as well as Cronbach’s alpha reliability values that fall within the “good” category. Therefore, both 

measurement instruments are deemed suitable for use in measuring the variables in this study, while 

still taking into account the limitations of the construct validity results obtained. 

The research was conducted in stages to ensure a more focused research process. Each stage 

was systematically organized, from topic selection to the preparation of the final report. First, the topic 

was determined and the problem identified. This was done by examining the development of AI in 

the workplace and its relationship with Gen Z. Next, a literature review was conducted to gather 



 

Vania Benita Bernice / Journal of Social and Industrial Psychology 15 (1) (2026)  

6 

 

relevant references on general attitudes toward AI, work engagement, and the characteristics of Gen 

Z. The research instrument was developed by creating an online questionnaire containing an informed 

consent form, participant data sections, a section on general attitudes toward AI, and a section on 

work engagement. Data collection was then carried out by distributing the questionnaire to 

participants who met the study criteria. After the data was collected, it was processed and analyzed 

using statistical techniques. Finally, the journal article was systematically prepared in accordance with 

the applicable format. 

The research data were analyzed using SPSS 27. The data analysis was conducted in several 

stages. First, a descriptive analysis was performed to characterize the participants, primarily based on 

age. Next, validity and reliability tests were conducted to ensure the quality of the measurement 

instruments. Following that, assumption tests were performed, consisting of two stages: a normality 

test using the One-Sample Kolmogorov-Smirnov method and a linearity test using the ANOVA Test 

for Linearity. After the results of the assumption tests indicated normality, the study proceeded to 

hypothesis testing, specifically a correlation test between variables using the Pearson Correlation 

method. 

RESULT AND DISCUSSION 

The primary focus of this study was on young workers; therefore, data were collected directly 

from 101 participants who are part of Gen Z. Based on Table 5, demographic data on the participants 

by age were obtained. The age distribution shows that 22 year olds constitute the largest group at 

23.8%, followed by 21 year olds (14.9%) and 20-year-olds (10.9%). Smaller proportions were observed 

in the 24-year-old group (8 participants, 7.9%), the 23 year old group (7 participants, 6.9%), and the 

26 year old group, which had the lowest representation with 6 participants (5.9%). Meanwhile, for the 

28-30 year old age group, the proportion of participants was the same, at 5 participants (5%). An equal 

distribution was also shown by the 25 year old and 33 year old age groups, with each group 

contributing 4 participants (4%). There were only 3 participants aged 31 (3%). Finally, the smallest 

number of respondents in this study were those aged 27 and 32, with 2 participants each (2%). A more 

comprehensive overview of the participants’ age distribution is presented in Table 5 below. 

Table 5. Demographic Data of Participants by Age (N = 101) 

Age N % 

20 Years old 11 10.90 

21 Years old 54 14.90 

22 Years old 24 23.80 

23 Years old 7 6.90 

24 Years old 8 7.90 

25 Years old 4 4.00 

26 Years old 6 5.90 

27 Years old 2 2.00 

28 Years old 5 5.00 

29 Years old 5 5.00 

30 Years old 5 5.00 

31 Years old 3 3.00 

32 Years old 2 2.00 

33 Years old 4 4.00 
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It was found that the majority of respondents in this study were female, totaling 60 people 

(59.4%), while male respondents numbered 41 (40.6%). These results indicate that female participants 

outnumbered male participants in this study. The complete data are presented in Table 6 below. 

Table 6. Demographic Data of Participants by Gender 

Gender N % 

Male 41 40.60 

Female 60 59.40 

 It was found that the majority of respondents in this study were employed individuals, totaling 

69 people (68.3%), followed by 32 students (31.7%) who work while attending college. The complete 

data are presented in Table 7 below. 

    Table 7. Demographic Data of Participants by Status 

Status N % 

Working 69 68.30 

Students who work while studying 32 31.70 

Based on the descriptive analysis, it was found that the variable “general attitudes toward AI” 

had a mean value of (x̄ = 66.76), while the variable “work engagement” had a mean value of (x̄ = 

36.07). Based on these values, in general, the mean score per item for the “general attitudes toward AI” 

variable was above the scale’s mean (x̄ = 3.63), indicating that participants tended to have generally 

positive attitudes toward AI (the scale used a 1–5 Likert scale). Furthermore, the mean score per item 

for the work engagement variable is above the instrument’s mean (x̄ = 4.01), indicating that participants 

tend to have a high level of work engagement (the instrument uses a 0-6 Likert scale). Detailed 

information regarding the inter-variable dimensions can be found in Table 8 below. 

Table 8. Description of Variable Dimensions 

Variable Min Max Mean Std. Deviation 

General Attitudes towards AI  39.00 88.00 66.76 10.02 

Work Engagement 12.00 54.00 36.07 8.08 

The data description for the “general attitudes toward AI” variable which consists of the 

“positive attitudes toward AI” and “negative attitudes toward AI” dimensions is presented in Table 

9. Based on the descriptive analysis, it was found that the “positive attitudes toward AI” dimension 

had a mean value of (x̄ = .740). This indicator confirms that the majority of participants have a positive 

perception of AI, viewing it as a crucial digital asset for facilitating their work. Meanwhile, the 

“negative attitudes toward AI” dimension has a mean value of (x̄ = .590). However, the data also 

highlights a minority group that responded pessimistically, viewing AI as a source of concern. 

Nevertheless, overall, participants in this study tended to have a more positive attitude toward the use 

of AI. A more comprehensive overview of the descriptive data results for the “general attitudes toward 

AI” variable dimension is summarized in Table 9 below. 

 

 



 

Vania Benita Bernice / Journal of Social and Industrial Psychology 15 (1) (2026)  

8 

 

Table 9. Description of the Dimensions of the “General Attitudes toward AI” Variable 

Variable Min Max Mean Std. Deviation 

Positive Attitudes 

towards AI 
25.00 58.00 .740 7.43 

Negative Attitudes 

towards AI 
9.00 37.00 .590 5.90 

Based on the descriptive analysis of the work engagement variable dimensions, it was found 

that the dedication dimension had the highest mean value compared to the other dimensions, namely 

(x̄ = 13.04). This indicates that participants tend to have a high level of enthusiasm and pride in their 

work. Meanwhile, the vigor dimension ranked second highest with a mean value of (x̄ = 11.37). This 

indicates that participants tend to have a fairly high level of energy and enthusiasm at work. Finally, 

the absorption dimension had the lowest mean value of (x̄ = 11.00). However, this value is still 

considered good, indicating that participants are quite capable of concentrating and becoming fully 

immersed in their work. More detailed information regarding the distribution of the descriptive test 

scores for the dimensions of work engagement can be found in Table 10 below. 

Table 10. Description of the Dimensions of the Work Engagement Variable 

Dimensi Min Max Mean Std. Deviation 

Vigor 3.00 18.00 11.37 3.07 

Dedication 2.00 18.00 13.04 3.23 

Absorption 6.00 15.00 11.00 2.06 

The one-sample Kolmogorov-Smirnov test was chosen to test the assumption of normality in 

this study. It was found that the “general attitudes toward AI” variable had a significance value of (P 

= .072), while the “work engagement” variable had a significance value of (P = .200). Since each 

variable recorded a significance value above the 0.05 threshold (p > 0.05), it can be concluded that the 

data as a whole meets the assumption of a normal distribution. Table 11 presents a more 

comprehensive breakdown of the data. 

 

Tabel 11. Normality Test Result 

 Total_GAAIS Total_UWES   
N 101 101   

Normal Parametersa,b Mean 66.7624 36.0693  
Std. Deviation 10.02013 8.07868  

Most Extreme Differences Absolute .085 .060  
Positive .055 .046  
Negative -.085 -.060  

Test Statistic .085 .060   
Asymp. Sig. (2-tailed)c .072 .200e   

Monte Carlo Sig. (2-tailed)d Sig. .071 .498  
99% Confidence 

Interval 
Lower Bound .064 .485 

Upper Bound .077 .511 
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a. Test distribution is Normal.     
b. Calculated from data.     

c. Lilliefors Significance Correction.     
d. Lilliefors' method based on 10000 Monte Carlo 

samples with starting seed 2000000.     

e. This is a lower bound of the true significance.     

Based on the results of the ANOVA Test for Linearity, a deviation from linearity value of (F = 

1.56), (p = .061) was obtained when testing the variables “general attitudes toward AI” and “work 

engagement.” Since the significance level was greater than (p > 0.05), this indicates that the 

assumption of a linear relationship between the two variables is met. Therefore, both variables meet 

the requirements for Pearson’s correlation test. A more detailed explanation to supplement the 

interpretation of the data can be found in Table 12 below. 

Table 12. Linearity Test Result 

 Sum of Squares df 
Mean 

Square F Sig.   

Total_UWES * 
Total_GAAIS 

Between Groups (Combined) 3084.878 37 83.375 1.526 .069 

Linearity 20.770 1 20.770 .380 .540 

Deviation 
from 

Linearity 

3064.108 36 85.114 1.558 .061 

Within Groups 3441.637 63 54.629    
Total 6526.515 100     

Based on the results of the Pearson correlation analysis between the variables “general attitudes 

toward AI” and “work engagement,” it was found that there is no relationship between these two 

variables among Gen Z. This conclusion is based on the correlation coefficient (r = .056) and the 

significance value (p = .575 > 0.05). Thus, it can be concluded that Gen Z’s attitudes toward AI do 

not influence their level of work engagement. A more comprehensive breakdown of the statistical 

analysis results is summarized in Table 13 regarding the hypothesis test results. 

Tabel 13. Hypothesis Test Results 

 GAAIS_Total UWES_Total  
GAAIS_Total Pearson 

Correlation 
1 .056 

Sig. (2-tailed)  .575 

N 101 101 

UWES_Total Pearson 
Correlation 

.056 1 

Sig. (2-tailed) .575  
N 101 101 

These findings confirm that the relationship between the variables in this study falls into the 

“very weak” category. The absence of a direct correlation between “general attitudes toward AI” and 

“work engagement” is one of the main conclusions of this study. Individuals who have positive or 

negative attitudes toward AI are not necessarily more or less engaged in their work. This finding 

suggests that fluctuations in work engagement are likely driven by external factors beyond the scope of 

general attitudes toward AI. 

Empirically, general attitudes toward AI do not serve as a primary predictor of work 

engagement. The dynamics of work engagement can be assumed to depend more on external factors, 
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such as work experience and an individual’s perception of quality of life. Support for these findings can 

also be found in the study by Liu & Wang (2026), which shows that the use of AI does not directly 

increase work engagement but rather does so through quality of work life as a mediating variable. Work 

engagement is more influenced by the quality of work experience and the fulfillment of individual 

psychological needs than by attitudes toward AI (Wu et al., 2025). 

According to the literature by Mazzetti et al. (2023), the level of an individual’s work 

engagement depends heavily on personal resources, job resources, social support, and a supportive 

work environment. This is particularly true of personal resources that is, the internal resources within 

an individual that enable them to remain optimistic, motivated, and positive when facing any job 

demands. According to the study by Mazzetti et al. (2023), these aspects have the strongest 

relationship with work engagement compared to other factors. Additionally, an increase in an 

individual’s work engagement can also stem from social and organizational factors such as support 

from supervisors and coworkers, performance feedback, a healthy work environment, and so on. 

On the other hand, a study by Kong et al. (2021) indicates a positive relationship between the 

level of AI awareness and job burnout. The results show that individuals’ awareness of AI developments 

does not always lead to a positive work experience. Thus, the more individuals are aware of AI 

developments, the more likely they are to experience psychological stress, job-related anxiety, and 

work-related fatigue. Consequently, general attitudes toward AI do not directly increase work 

engagement.  

This can also be explained by the job demands-resources theory (JD-R) (Bakker & Demerouti, 

2008), which states that an individual’s level of work engagement is determined more by the extent to 

which the resources available in the job are able to offset the pressures and demands faced.  

Consequently, general attitudes toward AI have not yet served as a primary resource capable of 

enhancing Gen Z’s vigor, absorption, and dedication to their work. 

The majority of participants were between the ages of 20 and 33, falling into the Generation 

Z category. The lack of a significant relationship between the two variables may also be influenced by 

the characteristics of Gen Z, who have grown up alongside the development of digital technology. As 

digital natives, Gen Z employees have an inherent affinity for technology that has been established 

from an early age. Therefore, technologies such as AI are likely to be viewed simply as a normal part 

of daily life among Gen Z and do not exert a significant psychological influence on work engagement 

(Benítez-Márquez et al., 2022). Research by Benítez-Márquez et al. (2022) also notes that Gen Z is 

more motivated by meaningful work, opportunities for skill development, and a positive work 

environment than by the presence of technology. 

Overall, the findings of this study regarding the relationship between general attitudes toward 

AI and work engagement among Gen Z do not show a significant correlation. These results indicate 

that work engagement is a variable influenced by more complex psychological conditions and can be 

affected by various factors. Some of the key factors that contribute to work engagement in the 

workplace include an individual’s psychological state, organizational support, interpersonal 

relationships, the work environment, and meaningful work. Beyond these factors, the characteristics 

of Gen Z as digital natives who have lived with technology from an early age mean that technologies 

such as AI no longer have a significant impact on work engagement. Therefore, general attitudes 

toward AI are not a primary factor in work engagement levels among Gen Z. 

    As an academic study, this research is limited by several considerations that must be noted. 

First, this implies that the conclusions drawn are specific to the relevant group of participants and do 

not necessarily apply universally to the entire Gen Z population in Indonesia. Second, the self-report 

method is prone to subjectivity and social bias, which may influence the research findings. Third, the 

participants came from various companies across diverse industries. Consequently, differences in 

experiences and perspectives on AI technology may potentially influence the research results. Fourth, 

a limitation identified in this study concerns the results of the construct validity testing using 

Confirmatory Factor Analysis (CFA) on the General Attitudes toward Artificial Intelligence Scale 



 

Vania Benita Bernice / Journal of Social and Industrial Psychology 15 (1) (2026)  

11 

 

(GAAIS) and the Utrecht Work Engagement Scale-9 (UWES-9), which indicate that the models do 

not yet meet the recommended goodness-of-fit criteria. 

Despite its limitations, this study still offers important implications. The findings expand the 

literature on the relationship between general attitudes toward AI and work engagement, although the 

relationship found is classified as weak. These findings suggest that general attitudes toward AI are 

not the primary factor determining an individual’s work engagement, particularly in the workplace. 

Rather, other factors—such as an individual’s experience and work environment—play a role. It is 

also recommended to conduct construct validity testing on the GAAIS and UWES-9 measurement 

instruments with a larger sample size and to conduct further evaluation of the factor structures of both 

instruments through more in-depth psychometric analysis so that the quality of variable measurement 

can be improved. 

CONCLUSION 

The findings indicate that there is no correlation between general attitudes toward AI and 

work engagement among Gen Z. Having grown up interacting intensively with technology from an 

early age, this generation views the existence of AI simply as a normal part of their daily routine. 

Consequently, the use of AI does not cause significant psychological distortion or impact that would 

profoundly affect the level of work engagement among working Gen Z members. Elements of the job 

demands-resources theory such as work-life balance, support from supervisors, a healthy work 

environment, and constructive feedback have been shown to play a far more essential role in meeting 

individuals’ psychological needs than the mere use of AI. Therefore, it can be concluded that general 

attitudes toward AI do not yet function as a primary factor capable of influencing work engagement. 

For Generation Z, it is suggested that the research findings can motivate individuals to adapt 

to advancements in AI technology, particularly regarding its application in the workplace. Individuals 

should no longer view AI as a threat, but rather as a tool that can support and facilitate their work 

processes. For companies, it is recommended to provide training and support regarding the use of AI 

technology in the workplace. However, companies should not focus solely on the implications of AI 

use in supporting work engagement but should also consider other factors such as a healthy work 

environment, organizational support, and so on. For future researchers, it is recommended to involve 

participants with more diverse backgrounds in terms of age, job type, industry sector, and so on. 

Additionally, to minimize subjectivity and social bias, future researchers can employ a wider variety 

of research methods. Future studies may also consider incorporating other variables that are associated 

with work engagement. In this way, a broader understanding of the factors influencing work 

engagement among Generation Z can be explored. 
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